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Abstract

How much of the failures to achieve Pareto efficient outcome observed in a simple 2 × 2

dominance solvable game can be attributed to strategic uncertainty and how much is actually
due to individual bounded rationality? We address this question by conducting a set of
experiments involving two main treatments: one in which two human subjects interact, and
another in which one human subject interacts with a computer program whose behavior is
known. By making the behavior of the computer opponent perfectly predictable, the latter
treatment eliminates strategic uncertainty. Our results suggest that observed coordination
failures can be attributed equally to individual bounded rationality and strategic uncertainty.
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1 Introduction

Consider a simple two-person two-action coordination game shown in Table 1, where L < S < H

and l ≤ m < h. Just one step of elimination of weakly dominated strategy leads to the Pareto
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Table 1: A simple two-person two-action dominance solvable coordination game

player B
player A l r

L (S;l) (S;l)
R (L;m) (H;h)

efficient outcome where player A and B choose R and r, respectively. The Pareto efficient outcome
may not be achieved, however, if player A doubts whether player B will choose the dominant
strategy r. As a result, the dominated outcome {L, l} is also a Nash equilibrium of the game.
Rosenthal (1981) pointed out such a possibility in a sequential version of this game, in which
player A moves first, and questioned the plausibility of the sub-game perfect equilibrium concept
proposed by Selten (1975).

This type of failure to achieve the Pareto efficient outcome is confirmed experimentally by
Beard and Beil (1994), Beard, Beil, and Mataga (2001), Goeree and Holt (2001), and Cooper
and Van Huyck (2003), among others, in both simultaneous move and sequential move versions of
this game.1 These studies show that the proportion of player As choosing the “secure choice” L

ranges from 16% to 80% depending on the payoff structure. As might be expected, the likelihood
of action R not only increases as a function of the difference in player A’s payoffs from {R, r} and
{L, ∗} (that is, the value of H relative to S), but also as a function of player B’s benefit from
attaining {R, r} instead of {R, l} (h relative to m). These observed coordination failures have
been interpreted as the result of strategic uncertainty – i.e. uncertainty about others’ behavior.
Recently, Jacquemet and Zylbersztejn (2012) investigated how repetition-based learning, cheap-
talk communications, and access to information about the past actions of the current opponent
can mitigate the effect of strategic uncertainty. In addition, Jacquemet and Zylbersztejn (2011)
manipulated the payoff structure in order to neutralize the potential effects of social preferences
and to investigate whether such preferences are important sources of strategic uncertainty. In all
instances, the share of Pareto dominant outcomes remains strikingly low, ranging from 33% to
72% of the experimental outcomes.2

In explaining the failure to achieve the Pareto efficient outcome in these games, the literature
focuses on strategic uncertainty without actually seeking to determine how much of this failure is
due to the strategic uncertainty faced by player As and how much to their bounded rationality.

1Cooper and Van Huyck (2003) report that, generally, subjects behave differently depending on whether a game
is presented to them in extensive or normal form. For this particular game, however, Cooper and Van Huyck (2003)
find that subjects behave alike regardless of the way the game is presented (see game 8 in their experiment).

2See Table 3 for a summary.
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Beard and Beil (1994) mention bounded rationality but disregard it, based on subjects’ statements
about their understanding of the experiment and on their answers to an anonymous exit survey.
Yet the experimental literature on dominance solvable games often suggests that some subjects
behave non-strategically (see, for example, Nagel, 1995; Ho, Camerer, and Weigelt, 1998, among
others). Polonio and Coricelli (2012) use eye-tracking data and show that some subjects do
not even pay attention to the payoffs of their opponent in simple 2 by 2 games. These results
contrast sharply with the findings of Costa-Gomes and Crawford (2006) who argue, based on the
estimated parameters of a cognitive hierarchy model in two-person dominance solvable games,
that subjects who actually demonstrate non-strategic behaviors are very rare, and that such non-
strategic subjects seem to exist only in subjects’ minds.

This is the main open question we seek to address here: do subjects actually behave non-
strategically, or is this only a figment of other subjects’ imagination? If they do, how much of
observed coordination failures is due to individual bounded rationality and how much is due to
strategic uncertainty? To address these questions we implement two examples from the class of
very simple dominance solvable games described above. In these games, if all subjects are rational
own monetary payoff maximizers, strategic uncertainty is arguably the only source of coordination
failure. We test whether or not some subjects indeed behave in a boundedly rational fashion,
conducting a set of experiments in which human subjects (acting as player As) interact with player
Bs in the form of either (a) other human subjects or (b) computer programs. Computer programs
in the role of player B are programmed to always choose r, and this fact is clearly explained to the
subjects. Therefore, subjects interacting with computers do not face any strategic uncertainty, so
that, in this environment, the choice of the secure option (L) by a human subject can only stem
from individual bounded rationality.

Surprisingly, few studies are designed in this way to separate the effect of individual bounded
rationality from uncertainty about others’ rationality (or behavior).3 One exception is Fehr and
Tyran (2001), who focus on the strategic aspects of “nominal illusion.” They consider four-player
repeated price setting games, and introduce a negative nominal shock in the middle of the ex-
periment. They find that roughly half of non-immediate adjustment to the new equilibrium after
the shock is due to individual bounded rationality and the other half is due to uncertainty about

3A growing body of literature uses robots to control for subjects’ beliefs about the behavior of their opponents.
Robots may not follow the equilibrium strategies, however, because the focus of these papers is not on disentangling
the effects of strategic uncertainty and bounded rationality. For instance, Cason and Friedman (1997) consider
robot players in an experiment on price formation in a simple market institution. They mainly concentrate on
robot traders who follow the Baysian Nash Equilibrium strategy (BNE robot) but also introduce a “Revealing
Robot” to investigate whether the convergence towards the equilibrium is due to human subjects mimicking the
behavior of BNE robots or is their best response to BNE robots. Their results support the latter hypothesis. In
other studies, robots are used to replicate the observed behaviors of subjects in the past (e.g., Ivanov, Levin, and
Niederle, 2010) or to make some players follow the predetermined distribution of boundedly rational behaviors (e.g.,
Embrey, Fréchette, and Lehrer, 2012).
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Table 2: The experimental games

player B
player A l r

L (9.75;3) (9.75;3)
R (3;4.75) (10;5)

(a) Baseline Game

player B
player A l r

L (8.5;8.5) (8.5;8.5)
R (6.5;8.5) (10;10)

(b) Egalitarian Game

others’ rationality. In Costa-Gomes and Crawford (2006), some subjects play against computer
programs applying not only equilibrium strategies, but also boundedly rational strategies such
as Level-1 or Level-2, in two-person guessing games. Beside describing the behavior of computer
programs to subjects, Costa-Gomes and Crawford (2006) train subjects to be able to identify what
the computer will do. In addition, they exclude all subjects who fail to sufficiently comprehend
the rules of the experiment (including the behavior of the computer). This dismissal of subjects
may explain the absence of “non-strategic” subjects in their data. Finally, Akiyama, Hanaki, and
Ishikawa (2012) investigate the magnitude of these two effects in understanding the deviation of
price forecasts from the fundamental values in an experimental asset market a la Smith, Suchanek,
and Williams (1988). They fail to find a significant effect of uncertainty about others’ rationality.

From our robot treatments, we conclude that individual bounded rationality and strategic
uncertainty regarding the behavior of player Bs account almost equally for player As’ choices of
secure option (L). This separation is of similar magnitude to what is found by Fehr and Tyran
(2001) in a more complex four-player normal form game. Our results also point to both the need
to better understand the reasons behind the non-payoff maximizing choice of those players who
observationally happen to be non-strategic, and the need to design institutions which can credibly
reassure the players who react to strategic uncertainty.

The rest of the paper is organized as follows: the experimental design is explained in Section
2. Section 3 summarizes the results, and Section 4 concludes.

2 Experimental design

We consider the two games presented in Table 2. The Baseline Game (BG) is used as the baseline
treatment in Beard and Beil (1994) as well as in Jacquemet and Zylbersztejn (2011, 2012). The
Egalitarian Game (EG) was introduced by Jacquemet and Zylbersztejn (2011) with four other
games in an attempt to assess the effect of the relative payoff structure on subjects’ behavior.

There are two main differences between BG and EG: (a) The saliency of the Pareto dominant
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equilibrium is enhanced in EG as compared to BG: for a given level of strategic uncertainty, the
expected payoff of player A from choosing R, instead of L, is higher in EG than in BG. (b) The
payoff difference for player B between {R, l} and {R, r} is higher in EG than in BG (1.5 in the
former versus 0.25 in the latter). Thus, player Bs are more likely to choose r in EG than BG.
These features have the following consequences on player As’ expected behavior. Because of (a),
player As are more likely to choose R even if the degree of strategic uncertainty remains constant
between the two games. At the same time, because of (b), the risk that player Bs choose l is
potentially reduced in As’ eyes, which again makes them more likely to choose R.

Note that, in the absence of any strategic uncertainty, rational player As should always choose
R in both games; while if any strategic uncertainty exists, the frequencies of R choices can be
higher in EG than in BG due to the two considerations above. Using these two games, we aim
to investigate (i) the relative effects of individual bounded rationality and strategic uncertainty
in each game, and (ii) whether the contributions of these two effects to the observed failure to
achieve Pareto efficient outcomes are relatively stable across the two games.

2.1 Treatments

The two games are implemented using a between-subject design – only one game is played in each
experimental session. For each game, we consider two treatments: Human and Robot. The Human
treatments rely on the experimental design of Jacquemet and Zylbersztejn (2012). It introduces
two major changes to the original design of Beard and Beil (1994). First, the one-shot game is
repeated 10 times, thus allowing repetition-based learning. Each occurrence (round) is one-shot in
the sense that roles are fixed, pairs are rematched in each round using a perfect stranger, round-
robin procedure,4 take-home earnings are derived from one round, randomly drawn at the end of
each experimental session. Second, we elicit both players’ decisions in each occurrence (round)
of the game. To do so, we break the original sequentiality of the game and ask each player for
unconditional choices in each round. At the end of each round, players are informed only about
their own payoffs, and not about the action chosen by their opponent. All stakes are expressed in
Euros, the show-up fee is 5 Euros.

In the Human treatment, human subjects taking the role of player A are matched with other
human subjects taking the role of player B. In the Robot treatment, human subjects taking the
role of player A are matched with a computer program taking the role of player B. The computer is
preset to always take decision r in the game. Subjects in this treatment are clearly informed both
about the behavior of the computer program – “the computer will choose r in every round,
with no exception” (bold in the original instruction sheet) – and about the fact that subjects are
matched with the computer program. This is the only difference in rules and procedures between
Human and Robot treatments.

4We avoid the end-game effect by providing no information about the exact number of repetitions.
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Note that by explicitly informing subjects about what the computer will do, the Robot treat-
ment completely eliminates strategic uncertainty whatever the sources of such uncertainty. There-
fore a rational subject in this treatment should always choose the payoff maximizing choice R. If
a subject (acting as player A) chooses the secure choice L in this treatment, her choice must be
due to some form of bounded rationality. In the Human treatment, by contrast, a rational subject
may not choose R because of strategic uncertainty. Thus, a decision L in the Human treatment
may arise due to both the strategic uncertainty and the bounded rationality of player A. In other
words, the difference in L decisions between the two treatments gives us the effect of strategic
uncertainty in each game.

2.2 Experimental procedures

Upon arrival, participants are randomly assigned to their computers and asked to fill in a short
personal questionnaire containing basic questions about their age, gender, education, etc. The
pre-distributed written set of instructions is then read aloud. Players are informed that they will
play a (unrevealed) number of rounds of the same game, each round with a different partner, and
that their own role will not change during the experiment. Before starting, subjects are asked to
answer a quiz assessing their understanding of the game they are about to play. Once the quiz
and any participants’ questions are answered, the experiment begins.

The experiment generates observations under four experimental conditions, varying according
to the payoff structure (BG or EG) and player A’s interaction partner (human in Human treatment
or computer in Robot treatment). All conditions are implemented separately, using a between-
subject design: each subject experiences only one of the two games, and interacts either with other
subjects or with a robot.

For each payoff matrix, we ran three human sessions (involving 20 subjects: 10 player As
interacting with 10 player Bs), and two robot sessions (involving 20 player As interacting with
automated player Bs). The data for the Human treatment come from Jacquemet and Zylbersztejn
(2011), while all four Robot sessions were carried out in October 2012. All sessions took place
in the Laboratoire d’Economie Experimentale de Paris (LEEP) at University Paris 1 Panthéon-
Sorbonne. Of the 198 participants, 96 were males and 102 were females.5 A vast majority of this
population (167 subjects) were students with various fields of specialization. Half of the subjects
(53%) had already taken part in economic experiments run at LEEP. Participants’ average age
was about 24. Subjects were recruited via an on-line registration interface adapted from Orsee

(Greiner, 2004) and the experiment was computerized through a software developed under Regate

(Zeiliger, 2000). Each session lasted about 45 minutes, with an average payoff of 12 Euros in
Human treatments and 15 Euros in Robot treatments. No subject participated in more than one

5In one Robot session with EG, we had 18 subjects instead of 20, so for Robot there were 40 subjects for BG
and 38 subjects for EG. For Human, we have 60 subjects (half of whom are player As) in both games.
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Table 3: Overview of results from Jacquemet and Zylbersztejn (2012, 2011)

Payoffs Round 1 Round 1-10 No. of
Treatment {L,∗} {R,l} {R,r} Freq(R) Freq(r) Freq(R) Freq(r) sub.

Baseline (9.75 ; 3.00) (3.00 ; 4.75) (10.0 ; 5.0) 0.233 0.800 0.490 0.807 60
Communication (9.75 ; 3.00) (3.00 ; 4.75) (10.0 ; 5.0) 0.500 0.800 0.593 0.800 60
Observation (9.75 ; 3.00) (3.00 ; 4.75) (10.0 ; 5.0) 0.167 0.767 0.530 0.820 60

ET1 (9.75 ; 5.00) (5.00 ; 9.75) (10.0 ; 10.0) 0.467 0.633 0.457 0.727 60
ET3 (9.75 ; 5.50) (5.50 ; 8.50) (10.0 ; 10.0) 0.575 0.800 0.575 0.828 80
ET4 (8.50 ; 5.50) (5.50 ; 8.50) (10.0 ; 10.0) 0.633 0.767 0.730 0.823 60
ET2 (8.50 ; 8.50) (6.50 ; 8.50) (10.0 ; 10.0) 0.540 0.840 0.776 0.936 100
BT2 (8.50 ; 7.00) (6.50 ; 7.00) (10.0 ; 8.5) 0.500 0.933 0.743 0.940 60

Note. Freq(R) and Freq(r) represent aggregate frequencies of R choices by player As and r choices by player Bs, respectively.
Note that for effect of Learning (Baseline) and Observation can only be observed in rounds 2-10. BG in this paper is the
same as Baseline and EG in this paper is the same as ET2.

experimental session.

3 Results

3.1 Summary of previous results

Before turning to the results of our experimental treatments, we provide in Table 3 a summary
of results obtained by Jacquemet and Zylbersztejn (2012, 2011). Jacquemet and Zylbersztejn
(2012) consider the same game as the BG in this paper, but introduce two other treatments:
Communication and Observation. In the Communication treatment, player Bs could communicate
their intended action to their partners, without any commitment, prior to the decision-making
stage. In the Observation treatment, player As could observe the frequencies of r decisions in
the past for the current opponent before making the decision. Thus, under Observation, player
As had more precise information about each opponent than in Baseline. While no signification
difference in the overall (for rounds 1-10) frequencies of either R choices or r choices is observed
between Baseline and Observation treatments, the frequency of R choice in the first round under
Communication is significantly higher than that in the two other treatments.6 This result suggests
that the cheap-talk communication was, at least initially, effective in reducing the effect of strategic
uncertainty.

6Fisher’s exact test (two-tailed) rejects the null hypothesis that the observed behaviors of player As in the first
round are the same for Baseline vs Communication and Observation vs Communication treatments (p-values =
0.0596 and 0.0127, respectively), while the same null hypothesis cannot be rejected for the Observation vs Baseline
treatment (p-value = 0.748).
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Jacquemet and Zylbersztejn (2011) consider five different games that manipulate the values of
payoffs from Baseline treatment in Jacquemet and Zylbersztejn (2012) by increasing the saliency
of payoffs and/or reducing inequality between payoffs in the efficient outcome. They find that
player As react to variations in the saliency of their own payoffs, but tend to neglect variations in
player Bs’ payoffs. Player Bs’ behaviors, in turn, are driven neither by aversion to inequality nor
by the saliency of payoffs; nevertheless, they vary systematically across games. It is noteworthy
that overall frequencies of r choices increase from 80% in the Baseline game (BG in our paper)
to almost 94% in ET2 (EG in our paper), these two games showing the lowest and the highest
overall frequencies of R choices in Jacquemet and Zylbersztejn (2011). Below, we report BG and
EG outcomes in more detail.7

3.2 Benchmark treatments: The open empirical challenge

Figure 1 provides an overview of individual behavior in our baseline conditions, Human treatment.
The two payoff configurations induce differences in both players’ behavior. First, player As are
more likely to choose R in EG than in BG, as shown on the left-hand side of Figure 1. Overall,
49.0% of choices were R in BG whereas 77.0% were R in EG. This difference in proportion between
the two treatments is significant at a 1% threshold with p < 0.001.8 The two games also appear
quite different in terms of repetition-based learning. In both payoff configurations, we do observe
an increasing trend in the proportion of R decisions, but it is more pronounced in EG than in BG.
In both games, the percentage of R decisions is at its minimum in period 1. It is at its maximum
in period 10 in EG but not in BG, where the proportion of R decisions slightly decreases after
period 5.

In Human treatments, the behavior of player As cannot be accurately interpreted without
taking into account the behavior of their partners. This behavior is summarized on the right-hand
side of Figure 1. Two main conclusions emerge. First, the proportion of r choices by player Bs
suggests that their behaviors are, on average, relatively stable across the 10 rounds in both BG
and EG. As a result, the observed time-trend in the behavior of player As cannot be related to any
timewise variation in player Bs’ decisions. It is more likely the result of repetition-based learning
about the likelihood of playing r in the population of player Bs. Second, the behavior of player
Bs, however, induces quite distinct levels of strategic uncertainty for player As – the likelihood of

7 Jacquemet and Zylbersztejn (2011) conducted experiments in Poland (University of Warsaw for ET2 (40
subjects), ET3 (40 subjects) and ET4 (20 subjects)) as well, while, in this paper, we only use data collected in
LEEP, Paris, to maintain homogeneity of subjects between Human and Robot treatments.

8We test the difference in proportion of decisions R between treatments by carrying out a bootstrap propor-
tion test that accounts for within-subject correlation – i.e. the fact that the same individual takes 10 decisions.
The procedure consists of bootstrapping subjects and their corresponding decisions over all ten rounds instead of
bootstrapping decisions as independent observations (see, e.g., Jacquemet, Joule, Luchini, and Shogren, 2012, for
a detailed description of the procedure).
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Player A Player B

Baseline

Egalitarian

Game

Game

1 2 3 4 5 6 7 8 9 10
round

1 2 3 4 5 6 7 8 9 10
round

0%

25%

50%

75%

100%

0%

25%

50%

75%

100%

Figure 1: Player behavior when playing with another subject across round by treatment

decision r shifts from 80.7% in BG to 93.6% in EG. Both results suggest that subjects do react to
the strategic context of the game. Still, the proportion of decisions L is high, in particular in the
EG treatment, where almost all decisions from player Bs are payoff maximizing. We now turn to
an empirical measure of the extent to which L choices can be explained by strategic uncertainty
or by individual bounded rationality.

3.3 Bounded rationality and strategic uncertainty

Figure 2 shows the dynamics of the frequencies of R decisions for both games and both treatments.
It indicates a substantial increase in the proportion of R decisions when subjects interact with
a computer rather than human subjects: in round 1, the percentage of player As who choose R

increases from 23% to 60% in BG and from 50% to 84.2% in EG.9 Also, the overall percentage of R
9The null hypothesis that the observed behavior in round 1 is the same for both Human and Robot treatments

is rejected with p-value 0.0033 for BG and 0.0035 for EG (Fisher’s exact test, two-tailed).
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Treatment BG Treatment EG

1 2 3 4 5 6 7 8 9 10

round

1 2 3 4 5 6 7 8 9 10

round

0%

25%

50%

75%

100%

Robots

Human

Figure 2: Decision R accross round and treatment

decisions increases from 49% to 77.0% in BG, from 77.0% to 86.6% in EG. A bootstrap proportion
test indicates that this increase in proportion of R choices is significant at a 1% threshold in BG
(p = .001) and at a 10% threshold in EG (p = .074). It is also clear from Figure 2 that eliminating
strategic uncertainty does not lead all player As to select the own-payoff-maximizing choice R

in all 10 rounds. On average, we observe that 23% (13.4%) of choices are L in BG (EG) when
interacting with the computer – even though there is no strategic uncertainty. Such L choices in
Robot treatments can only be interpreted in terms of the bounded rationality of subjects.

In Figures 3.a and 3.b, we examine individual data by looking at the Empirical Distribution
Function (EDF) of the number of R decisions taken by each individual in BG and in EG. In BG, a
larger proportion of subjects take decision R in all rounds when they face a computer rather than
another subject – twenty subjects out of 40 (50.0%) choose R ten times when facing a computer
whereas only 3 out of 30 (10%) do so when facing another subject. Allowing no mistakes requires a
lot from subjects. However, if we relax this requirement by investigating the proportion of subjects
choosing L once, we find that the pattern is similar. Thirteen subjects (32.5%) choose R strictly
less than 9 times when facing a computer, and 23 out of 30 (76.7%) do so when facing with other
subjects. A bootstrap version of the univariate Kolmogorov-Smirnov (KS) test that allows for
ties (see, e.g., Abadie, 2002; Sekhon, 2011) shows that the EDF of the individual number of R
decisions in Robot treatments first order dominates that in Human treatments (p < .001). The
effect of interacting with a computer in EG is of the same nature, although to a lesser extent

10



Baseline Game Egalitarian Game
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Figure 3: EDF of decision R ratio over round by treatment

than in BG. Now, 28 subjects out of 38 (73.7%) choose R 9 or 10 times facing a computer and
16 subjects out of 30 (53.3%) do so facing another subject. The EDF of the individual number of
R decisions in Robot treatments also first order dominates the number of R decisions in Human
treatments – although not significantly (p = .142 –KS bootstrap test).

Using Robot treatments as a baseline for bounded rationality, we can now estimate to what
extent strategic uncertainty explains the choice of the secure option L in Human treatments. As
indicated above, we observe that 51% of choices are L in human BG and 23% in human EG.
Subtracting the proportion of L choices in Robot treatments from the proportion of L choices in
Human treatments gives us how much of the L choices can be explained by strategic uncertainty:
28% (51.0% - 23%) in BG and 9.6% (23% - 13.4%) in EG. Strategic uncertainty thus accounts for
about half of the observed failures to achieve Pareto efficient outcome in these two simple games,
whereas bounded rationality does so for the other half.

As a robustness check for effects of learning and individual correlation between rounds, we
conduct two simulations, one for each game, that replicate the above calculation. In each simu-
lation, we repeatedly draw subsamples of subjects and their ten choices, with replacement. The
proportion of decisions L that are explained by bounded rationality is then computed for each sim-
ulation. Means of the empirical distribution of the percentage of decisions explained by bounded
rationality in each treatment are very similar to the sample average: 44.7% in BG (with median
45.7%) and 51.3% (with median 55%) in EG, thus confirming our sample results. Estimates are,
however, less precise in EG than in BG, with simulated confidence intervals of [27.7; 57.9] in BG
and [26.8; 75.4] in EG.
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4 Conclusion

Coordination failures are a widely documented phenomenon, with possibly dramatic economic
consequences. While most experimental investigations try to identify the sources of strategic
uncertainty underlying such failures, very few of them explore the effect of strategic uncertainty
per se. We rely on two examples from a class of very simple two-player two-action games to provide
an empirical measure of the proportion of observed coordination failures induced by strategic
uncertainty. In this class of games, coordination failures arise when and because one of the two
players does not trust the ability of the other to maximize his own monetary payoff. To isolate
the effect of strategic uncertainty, we contrast individual decisions depending on whether subjects
interact with human beings or with computers whose behavior is known. Our results show that
strategic uncertainty accounts for close to half of the observed failures to reach an efficient outcome
in the two games we consider. The other half – as measured by the proportion of coordination
failures that occur when interacting with preset computers – can only be interpreted as a result of
individual bounded rationality; which suggests that some subjects do make non-strategic decisions.

Our results raise interesting questions, which could be explored further. First, our design
precludes investigating the reasons behind the observed individual bounded rationality, which
might, for example, be due to a lack of focus during the experiment or to some subjects’ wish
to manipulate the results of the experiment. A better understanding of the reasons behind such
boundedly rational choices in strategic contexts, including the advantages of various heuristics as
demonstrated in other contexts (Gigerenzer, Todd, and the ABC Research Group, 1999), appears
to us a fruitful avenue for future research. Second, more importantly, our results suggest that
half of observed coordination failures would not occur if the environment were credibly reassuring
about the likely behavior of the opponent. The robot treatment is obviously an artefactual way
of implementing such an environment. Finding a similarly reassuring institutional device is next
on our agenda.
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