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ALGORITHMIC CONTRACTS AND THE EQUITABLE DOCTRINE OF UNDUE 

INFLUENCE: ADAPTING OLD RULES TO A NEW LEGAL LANDSCAPE 

Marco Rizzi* and Natalie Skead** 

 

Recent scholarship engaging with the impact of digital technology on contract law has 

suggested that practitioners and researchers will need to give proper consideration to 
the ‘role of equitable remedies in the context of contracts drafted in whole or part in 

executable code’. More generally, a raft of challenges stem from the increasingly active 
role digital technologies play in contractual relations. Faced with these challenges, 

instinct may dictate attempting to tame the technological beast with a variety of 
regulatory responses spanning the full spectrum of possibilities, from legal requirements 

to voluntary codes of conduct or standards. While regulatory action may be a priority 

from a public policy perspective, the seeming trustworthiness of algorithms, and the 
consequent reliance placed on them by contracting parties carry the inherent risk of lack 

of autonomy and fully‐informed independent decision‐making that, in Australia at least, 

is addressed by equity through the doctrine of undue influence. This article explores 

whether this traditional doctrine can adapt to operate alongside regulation in dealing 

with some of the challenges presented by algorithmic contracting. Specifically, it focuses 
on those contracts where algorithms play an active role not only in the execution, but in 

the formation of the contract, as these are the “algorithmic contracts” that challenge the 
very fundamentals of contract law. 

 

1 Introduction 

In a recent contribution on the interaction between natural and formal language in “smart contracts”, 

Jason Allen pointed out that practitioners and scholars will soon have to ‘carefully consider the role of 

equitable remedies in the context of contracts drafted in whole or part in executable code’.1 This article 

takes up Allen’s challenge by examining the adaptability of the centuries old equitable doctrine of undue 

influence to the contemporary and increasing use of algorithms and “smart” technologies in contractual 

relations.2 

This article adopts the term “algorithmic contracts” developed by Lauren Scholtz to describe those 

agreements ‘that contain terms that were determined by algorithm rather than a person’.3 The adoption of 

a conceptual tool is needed as the field is replete with evolving and overlapping terminology and 

definitions. An example is the broad use of the term smart contracts, first coined in the 90s.4 Smart 

contracts are commonly linked to separately identifiable underlying legal contracts, which the “smart” 

program executes automatically. It is, however, increasingly the case that no other documents exist 

recording the agreement between the parties. In these cases, the smart contract itself encapsulates the 

binding contract as well as its automated execution. These are different phenomena posing different sets 

of challenges, and their coexistence under the same conceptual brand can be a source of confusion. To 

avoid this confusion, this article refers to contract enhanced by (or dependent upon) digital technology as 

algorithmic contracts. While algorithmic contracts are characterised by varying degrees of interaction 

between the human contracting party and the machine, the machine takes an active role not only in 
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1  Jason G Allen, ‘Wrapped and Stacked: ‘Smart Contracts’ and the Interaction of Natural and Formal Language’ (2018) 14(4) 

European Review of Private Law 307, 311. 
2  While there are several other equitable doctrines that may be capable of adapting to new technologically-enhanced forms 

of contracting, the authors have limited their analysis in this article to undue influence. Other equitable doctrines, such as 

Unconscionable Dealing and Fiduciary Relations, will be the subject of future research. 
3  Lauren H Scholtz, ‘Algorithmic Contracts’ (2017) 20(2) Stanford Technology Law Review 128. 
4  Nick Szabo, Smart Contracts: Building Blocks for Digital Markets (Webpage, 1996) 

<http://www.fon.hum.uva.nl/rob/Courses/InformationInSpeech/CDROM/Literature/LOTwinterschool2006/szabo.best.vw

h.net/smart_contracts_2.html>. 
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executing the contract, but also in the negotiation and formation of the contract. As such, algorithmic 

contracts are expressions of a novel phenomenon that challenges the very fundamentals of traditional 

contract law.  

Faced with challenges presented by disruptive technologies, instinct may dictate attempting to tame 

the technological beast with a variety of regulatory responses spanning the full spectrum of possibilities, 

from legal requirements to codes of conduct or standards. While regulatory action is certainly a priority 

from a public policy perspective, it may not be desirable or even necessary to regulate anew every aspect 

and possible consequence of algorithmic contracts. It may be that the multitude of legal rules, doctrines 

and remedies that have developed over centuries to regulate contractual relations can be adapted to meet 

the challenges resulting from new and emerging technologies in this area. This article explores and seeks 

to explore specifically whether one such doctrine, the equitable doctrine of undue influence, can be 

adapted and applied to algorithmic contracts. 

The article is in three parts. Part 2 provides a brief overview of the competing underlying rationales 

of undue influence. Part 3 discusses the proliferation of algorithmic contracts as well as possible 

theoretical approaches to the use of algorithms in contract formation. Finally, Part 4 considers alternatives 

for addressing the challenges posed by algorithmic contracts, including the forms and limits of possible 

regulatory intervention, and the adaptability of undue influence to this new context. 

 

2 Nature and scope of the doctrine of undue influence 

Equity’s jurisdiction to intervene in private dealings procured by the exercise of undue influence is well-

established.5 The vitiating factor operates in circumstances where a claimant’s decision to confer a benefit 

on another is affected by the excessive influence and ascendancy of another over the claimant. As Lord 

Cottenham LC noted in Dent v Bennett ‘the relief stands upon a general principle, applying to all variety 

of relations in which dominion may be exercised by one person over another’.6 The circumstances 

enlivening the doctrine, and the kinds of relationships that may give rise to those circumstances, are ‘many 

and diverse’7 and ‘vary too widely to permit of any more specific criterion’.8 As Lindley LJ noted in 1887 

in Allcard v Skinner (‘Allcard’), ‘no Court has ever attempted to define undue influence’.9 Over 140 years 

later, this remains the case.  

Despite Lord Scarman’s cautionary note that ‘[t]here is no precisely defined law setting limits to the 

equitable jurisdiction of a court to relieve against undue influence. This is a world of doctrine, not of neat 

and tidy rules’,10 undue influence is commonly said to comprise two classes: Actual Undue Influence; 

and Presumed Undue Influence.11 While not using the same nomenclature, in Thorne the plurality, 

comprising Kiefel CJ, Bell, Gagelar, Keane and Edelman JJ, explained that actual and presumed undue 

influence are merely two ways of establishing undue influence: 

One method of proof is by direct evidence of the circumstances of the particular transaction… Another way in 

which undue influence can be proved is by presumption. … Common experience gives rise to a presumption 

that a transaction was not the exercise of a person's free will if (i) the person is proved to be in a particular 

relationship, and (ii) the transaction is one, commonly involving a "substantial benefit"
 
to another, which cannot 

be explained by "ordinary motives" , or "is not readily explicable by the relationship of the parties”.12  

 
5  See, eg, Earl of Chesterfield v Janssen (1751) 2 Ves Sen 125, 28 ER 82; Allcard v Skinner (1887) 36 Ch D 145 

(‘Allcard’). 
6  Dent v Bennett (1839) 4 My & Cr 269, 277. 
7  Thorne v Kennedy (2017) 91 ALJR 1260; [2017] HCA 49 (‘Thorne’). 
8  Royal Bank of Scotland plc v Etridge (No 2) [2001] UKHL 44, [2002] 2 AC 773 (‘Etridge’) [7] (Nicholls LJ). 
9  (1887) 36 Ch D 145, 183.  
10  National Westminster Bank plc v Morgan [1985] AC 686, 709. 
11  These two classes of undue influence, although not labeled as indicated, were identified by Cotton LJ in Allcard (n 5). The 

nomenclature of Actual and Presumed Undue Influence was adopted in Bank of Credit and Commerce International SA 

v Aboody [1990] 1 Q.B. 923, 953-4 (‘Aboody’) (Slade LJ). In Barclays Bank plc v O’Brien [1994] 1 AC 180, [1993] 

4 all ER 417 (‘O’Brien’) 423, Lord Brown-Wilkinson adopted the classification of Slade LJ in Aboody. 
12  Thorne (n 7) [34] (references omitted). 
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As regards ‘the particular relationship[s]’ giving rise to a presumption of undue influence, the plurality 

continued: 

Although the classes are not closed, in Johnson v Buttress Latham CJ described the relationships that could give 

rise to the presumption as including parent and child, guardian and ward, trustee and beneficiary, solicitor and 

client, physician and patient, and cases of religious influence. Outside recognised categories, the presumption 

can also be raised by proof that the history of the particular relationship involved one party occupying a similar 

position of ascendency or influence, and the other a corresponding position of dependency or trust.13 

While there may be general consensus as to the classification of undue influence into actual and 

presumed and the broad circumstances in which the equitable doctrine operates, there is much debate as 

to the precise nature and scope and theoretical foundation of the doctrine. As Bigwood commented 

recently, ‘[i]t has become virtually impossible, in 2019, to provide a universally stable and agreeable 

conceptual account of the equitable jurisdiction to relieve against ‘undue influence’.14 Broadly speaking, 

however, equity scholars identify three possible and competing bases for courts intervening in private 
dealings in the name of undue influence: active exploitation, impaired consent and prophylaxis and public 

policy.  

2.1 Active exploitation 

The first basis focuses on the conduct of the defendant, requiring evidence of deliberate and active 

wrongdoing by the defendant in exploiting the claimant’s vulnerability arising out of being in an unequal 

relationship of excessive influence and ascendancy with another. This wrongdoing or exploitation 

approach to undue influence is prevalent in England with several Privy Council and House of Lords 

decisions on undue influence over the past four decades replete with references to exploitation and 

wrongdoing in their various grammatical forms. For example, in Royal Bank of Scotland v Etridge (No 
2), Lord Nicholls of Birkenhead stated that undue influence ‘arises out of a relationship between two 

persons where one has acquired over another a measure of influence, or ascendancy, of which the 

ascendant person then takes unfair advantage’.15 In the same case, Lord Clyde noted ‘[t]here is a 

considerable variety in the particular methods by which undue influence may be brought to bear on the 

grantor of a deed. They include cases of coercion, domination, victimisation and all the insidious 

techniques of persuasion’.16 

There are certainly some Australian cases, including High Court cases, that seemingly support 

defendant wrongdoing and exploitation as the underlying rationale for undue influence. In Tanwar 

Enterprises Pty Ltd v Cauchi, for instance, the majority of the High Court stated in obiter that the equitable 

principle of undue influence was ‘concerned with the production by malign means of an intention to act’.17  

The prevailing view in Australia, however, is that deliberate and active exploitation by a stronger party 

of the excessive influence they have over the decision-making of the claimant, is not a necessary 

component of the equitable doctrine. Transactions can, and often are, set aside on the basis of undue 

influence even in the absence of evidence of any identifiable wrongdoing. In the 1998 New South Wales 

case of Reid v Reid, for example, Justice Bryson set aside a gift by a son in favour of his mother on the 

grounds of undue influence, despite there being ‘nothing like victimisation in this case’.18  

Although there appears to be broad consensus in Australia that wrongdoing and exploitation by the 

defendant does not underpin the equitable doctrine of undue influence, there is little agreement as to 

precisely what does. Two alternatives are advanced.  

2.2 Impaired consent 

 
13  Thorne (n 7) [34] (references omitted). 
14  Rick Bigwood, ‘Undue Influence as Constructive Fraud’ (2019) 13(2) J Eq 144.  
15  Etridge (n 8) [8] (emphasis added). 
16  Etridge (n 8) [93] (emphasis added). See also National Commercial Bank (Jamaica) Ltd v Hew’s Executors [2003] UKPC 

51, [28]; R v Attorney-General for England and Wales [2003] UKPC 22, [2003] EMLR 24 [21]. 
17  Tanwar Enterprises Pty Ltd v Cauchi [2003] HCA 57, (2003) 217 CLR 315 [23] (emphasis added). 
18  Reid v Reid (NSWSC, 30 November 1998) (‘Reid’) [17].  
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Rather than focusing on the wrongful conduct of the defendant, the third rationale for undue influence — 

the “impaired consent” approach — is concerned with the quality of the plaintiff’s consent to the 

impugned transaction. Until 2017, the most commonly cited Australian authority for this rationale was 

the 1983 obiter dictum of Justice Deane in Commercial Bank of Australia Ltd v Amadio (‘Amadio’) that 

‘[u]ndue influence, like common law duress, looks to the quality of consent or assent of the weaker party’. 

19  

Remarkably, the High Court has only considered the nature and scope of undue influence three time 

in the past 80 years: in 1936 in Johnson v Buttress20 (‘Johnson’), in 1941 in Bank of New South Wales v 
Rogers21 (‘Rogers’) and in 2017 in Thorne.22 In Thorne, six of seven High Court justices endorsed 

unreservedly Deane J’s impaired consent rationale for undue influence in Amadio. The plurality in Thorne 

traced the history of the impaired consent approach before explaining that to succeed in an undue 

influence claim, ‘at the very least, the judgmental capacity of the party seeking relief must be "markedly 

sub-standard” as a result of the effect upon a person’s mind of the will of another’.23 While disagreeing 

on the application of the law to the facts, Gordon J also supported an impaired consent approach:24 a 

transaction may be impugned if it is not a result of the plaintiff’s ‘free exercise of independent will’25 

such that the plaintiff’s will is seriously impaired.26 The impaired consent approach might also be said to 
operate prophylactically; not to prevent the abuse of a relationship of influence, but rather to relieve the 

plaintiff from the consequences of a transaction to which they did not bring an independent, free and 

voluntary mind to bear.27  

The High Court’s endorsement of the impaired consent approach to undue influence in Thorne accords 

with a large body of first instance and appellate authority.28  Nonetheless, it has been met by criticism 

from some quarters29 as being ‘unexplained’, ‘both unacknowledged and unsupported by justificatory 

reasons’ and involving ‘surreptitious abandonment’ of ‘antecedent authorities’,30 specifically the 

authorities supporting public policy as the correct rationale of undue influence, or at least of presumed 

undue influence.  

2.3 Prophylaxis and public policy 

In Johnson31 Dixon J (with whom Evatt J agreed) explained the basis of undue influence as ‘the prevention 

of an unconscientious use of any special capacity or opportunity to may exist or arise of affecting the 

alienor’s will or judgement’.32 His Honour went on to set out the difference between actual and presumed 

undue influence. In actual undue influence: 

 
19  Commercial Bank of Australia Ltd v Amadio [1983] HCA 14, (1983) 151 CLR 447. 
20  Johnson v Buttress [1936] HCA 41, (1936) 56 CLR 113 (‘Johnson’). 
21  Bank of New South Wales v Rogers (‘Rogers’) (1941) 65 CLR 42. 
22  Thorne (n 7).  
23  Ibid [32] (citations omitted). 
24  Ibid [86]. 
25  Ibid [87]. 
26  Ibid [93]. 
27  Felicity Maher, ‘Clarity or Confusion? Duress, Undue Influence and Unconscionable Conduct in the High Court’ (2018) 

12 J Eq 91, 98. 
28  See, eg, Reid (n 22); Hartigan v International Society for Krishna Consciousness Incorporated [2002] NSWSC 810 

(‘Hartigan’); Smith v Smith (NSWSC, 12 July 1996); Giarratano v Smith (NSWSC, 24 October 1985); Daunt v Daunt 

[2015] VSCA 58 [62]-[63]; Anderson v McPherson (No 2) [2012] WASC 19, (2012) 8 ASTLR 321 [242]. See also Peter 

Birks and Nyuk Chin ‘On the Nature of Undue Influence’ in Jack Beatson and Daniel Friedmann (eds), Good faith and 

fault in Contract Law (Clarendon Press Oxford, 1995); Anthony Mason, ‘The Impact of Equitable Doctrine on the Law 

of Contract’ (1998) 27 Anglo-American L Rev 1, 7; James Edelman and Elise Bant, Unjust Enrichment (2nd ed), Hart 

Publishing, Oxford and Portland, Oregon (2016), 246-250; G E Dal Pont, Equity and Trusts in Australia (7th ed) 

Lawbook Co (2018) [7.05]; Natalie Skead, ‘Undue Influence and the Remedial Constructive Trust’ (2008) 2 J Eq 143; 

Maher (n 28). 
29  Rick Bigwood, ‘The Undue Influence of ‘Non-Australian Undue Influence Law on Australian Undue Influence Law: 

Farewell Johnson v Buttress? Part 1’ (2018) 35(1) JCL 56 (‘The Undue Influence’); Bigwood (n 13); P D Finn, ‘The 

Fiduciary Principle’ in T G Youdan (ed), Equity, Fiduciaries and Trusts (Lawbook Co 1989) 1, 43-6.  
30  Ibid 56.  
31  Johnson (n 24). 
32  Ibid 134 (emphasis added).  
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The source of power to practise such a domination may be found in no antecedent relation, but in a particular 

situation, or in the deliberate contrivance of the party. If this be so, facts must be proved showing that the 

transaction was the outcome of such an actual influence over the mind of the alienor that it cannot be considered 

his free act.33  

Drawing on these comments Birks referred to this as ‘non-relational’ undue influence.34 Leading 

Australian scholar in this area, Bigwood, explains that, on Dixon J’s analysis in Johnson, actual undue 

influence is ‘relationship-independent in that … “undue influence” could have occurred outside a so-

called “special relationship” of influence’.35 In other words, actual undue influence is not dependent upon 

a pre-existing relationship of trust and confidence, excessive influence or ascendancy — it can arise from 

the peculiar circumstance of a particular transaction. Intervention in these cases is said to be based on 

‘…some unfair and improper conduct, some coercion from outside, some overreaching, some form of 

cheating…’. 36 This explanation accords with the exploitation approach to undue influence.37 

By contrast, on presumed undue influence Dixon J stated that ‘[t]he parties may antecedently stand in 

a relation that gives to one an authority or influence over the other from the abuse of which it is proper 

that he should be protected.38 Justice Dixon acknowledged that these ‘certain well-known relations’ 

cannot be exhaustively catalogued as ‘relief stands upon the general principle applying to all the variety 

of relations in which dominion may be exercised by one person over another’39 and explained that the 

vitiating factor is enlivened: 

… whenever one party occupies or assumes towards another a position naturally involving an ascendancy or 

influence over that other, or a dependence or trust on his part. One occupying such a position falls under a duty 

in which fiduciary characteristics may be seen. It is his duty to use his position of influence in the interest of 

no one but the man who is governed by his judgment, gives him his dependence, and entrusts him with his 

welfare…40 

His Honour concludes that ‘[t]hese considerations combine with reasons of policy to supply a firm 

foundation for the presumption against a voluntary disposition in his favour’.41 On such a prophylactic 

policy approach, transactions are impugned so as to ‘prevent the relations which existed between the 

parties and the influence arising therefrom being abused’.42 As Bigwood explains, ‘[p]ublic policy 

dictated that relations or tasks marked by the fiduciary function should be protected from the mere 

possibility of abuse’.43 Given its reliance on an existing relationship between the parties, Birks referred 

to presumed undue influence as ‘relational’ undue influence.44 While relational undue influence, like 

fiduciary law, operates prophylactically, it may be said that it, too, focuses on wrongdoing by the party in 

the position of influence in the sense that it is directed at preventing abuse of trust or ‘equitable fraud’.45 

But, it operates to address the risk of wrongdoing, even in the absence of proof of active wrongdoing.46  

Importantly, while reference to the non-relational – relational distinction most commonly arises in the 

scholarship endorsing a public policy approach to undue influence, it is not limited to that approach and 

applies regardless of the accepted rationale underpinning the doctrine. Further, non-relational and 

relational undue influence are not necessarily synonymous with actual and presumed undue influence. 

Specifically, while all presumed undue influence cases are necessarily relational, relational undue 

influence may be broader in scope: ‘And so even relational undue influence might be “actual” undue 
influence in the sense that the claimant is able to show [on the evidence] … that undue influence … had 

 
33  Ibid.  
34  Peter Birks, An Introduction to the Law of Restitution (Clarendon Press, Oxford, 1985) 184.  
35  Bigwood, ‘The Undue Influence’ (n 33) 75. 
36  Allcard (n 5) 181 (Lindley LJ). 
37  Pauline Ridge, ‘The Equitable Doctrine of Undue Influence Considered in the Context of Spiritual Influence and Religious 

Faith: Allcard v Skinner Revisited in Australia’ (2003) 26(1) UNSWLJ 66, 74.  
38  Johnson (24) 134.  
39  Ibid 136. 
40  Ibid 135 (emphasis added). 
41  Ibid 135 (emphasis added). 
42  Allcard (n 5) 171 (Cotton LJ) (emphasis added). 
43  Bigwood, ‘The Undue Influence’ (n 33) 79. 
44  Birks (n 38) 184.  
45  Ridge (n 41) 74. 
46  Ibid.  
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occurred within the context of an antecedent relationship … a so called “special relationship of 

influence”’.47  

2.4 Summary and third parties 

Following the decisions of the House of Lords in Etridge and the High Court in Thorne, it seems clear 

that the active exploitation and impaired consent approaches to undue influence apply in England and 

Australia respectively. That said, the alternative bases are not necessarily inconsistent or mutually 

exclusive. Certainly, both the public policy and impaired consent approaches that have prevailed in 

Australia at different times operate prophylactically. The pertinent question that arises, however, is 

whether this prophylaxis underpinning undue influence is able to adapt to the as yet unexplored vagaries 

of algorithmic contracts. 

Further and critically for the purposes of the analysis in this article, regardless of which rationale of 

undue influence is adopted, the doctrine operates in three-party contract cases such that, even if the 

plaintiff is in a relationship of influence not with the defendant, but with a third person, the transaction 

may nonetheless be set aside on the grounds of undue influence if either: (1) in its dealings with the 

plaintiff, the third party was acting in the course and scope of its actual or apparent authority as the agent 

of the defendant such that ordinary agency principles apply;48 or (2) the defendant had actual or 

constructive notice of the circumstances giving rise to undue influence.49 Justice McTiernan clarified the 

application of the doctrine of notice to undue influence in Rogers: 

If the pressure or undue influence were exerted by [a third party] on the [plaintiff] and the [defendant] has notice 

actual or constructive of the circumstances, the [defendant] would be no less liable to the [plaintiff’s] equity to 

set aside the [transaction] than if the pressure or undue influence came from him. 50 

 

3 Algorithmic contracts – terminology, challenges, and theoretical approaches 

An examination of recently published scholarship in the field of contract law, domestically and 

internationally, reveals an uncanny number of contributions to the discourse on what can be generically 

termed “digitally enhanced contracts” — contractual agreements in which a digital technology plays an 

active role in one or more phase of a contract’s life cycle, whether formation, execution, performance or 

enforcement. This term refers to the broad field spanning smart contracts and the blockchain,51 contracts 

formed by software,52 algorithmic contracts,53 contractual agreements facilitated by ‘electronic agents’,54 

and the potential future contractual agreements concluded between humans and Artificial General 

Intelligence (AGI).55 While this article focuses chiefly on algorithmic contracts, it is useful to situate this 

particular form of contract in the broader context of digitally enhanced contracts. 

 
47  Bigwood, ‘The Undue Influence’ (n 33) 76. 
48  See, eg, Lloyd v Grace, Smith & Co [1912] UKHL 1; [1912] AC 716; Clancy v Prince [2001] NSWSC 85 (26 February 

2001) [61]. 
49  See, eg, Bank of New South Wales v Rogers (‘Rogers’) (1941) 65 CLR 42, 60 per McTiernan J, 85 (Williams J), 51 

(Starke J); Yerkey v Jones [1939] HCA 3; (1939) 63 CLR 649, 677 per Dixon J; Etridge (n ) [40] (Nicholls LJ). By 

contrast to three-party contract cases, in three-party gift cases, the gift may be set aside as against the defendant without 

the plaintiff having to establish that the third party was acting as agent of the defendant or that the defendant had notice 

of the undue influence. See, eg, Bridgeman v Green (1757) Wilm 58, 97 ER 22; Giarratano v Smith (1985) NSW ConvR 

55-267. 
50  Rogers (n 25) 60 (McTiernan J).  
51  The literature is vast. On smart contracts see generally Primavera De Filippi and Aaron Wright, Blockchain and the Law 

– The Rule of Code (Harvard University Press, 2018); the contributions to the Special Issue on Smart Contracts and the 

Blockchain (2018) 26(6) European Review of Private Law; Kevin FK Low and Eliza Mik, ‘Pause the Blockchain Legal 

Revolution’ (2020) 69(1) International & Comparative Law Quarterly <https://doi.org/10.1017/S0020589319000502>. 
52  Vicent Ooi, ‘Contracts Formed by Software: An Approach from the Law of Mistake’ (Research Paper No. 2019/02, Centre 

for AI & Data Governance, Singapore Management University, February 2019); Betts and Jaep (2016); Tom Allen and 

Robin Widdison, ‘Can Computers Make Contracts?’ (1996) 9(1) Harvard Journal of Law & Technology 25. 
53  Scholtz (n 3) 128. 

54  Samir Chopra and Laurence White, ‘Artificial Agents and the Contracting Problem: A Solution Via an Agency Analysis’ 

[2009] (2) Journal of Law, Technology & Policy 363; Steffen Wettig, ‘A Legal Analysis of Human and Electronic Agents’ 

(2004) 12(1-2) Artificial Intelligence and Law 111. 

55  John Linarelli, ‘Artificial General Intelligence and Contract’ (2019) 24(2) Uniform Law Review 330. 

http://www.bailii.org/uk/cases/UKHL/1912/1.html
http://classic.austlii.edu.au/cgi-bin/LawCite?cit=%5b1912%5d%20AC%20716
http://www.austlii.edu.au/au/cases/nsw/NSWSC/2001/85.html
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3.1 Definitions and overlaps 

Generally smart contracts are principally dedicated to the automation of contractual performance.56 By 

contrast, algorithmic contracts extend well beyond performance to the (at least partial) automation of the 

negotiation and formation of a contract,57 featuring ‘terms that were determined by algorithm rather than 

a person’.58 A first broad category of such contracts, typically concluded online within digital platforms, 

is that which relies on algorithmic determinations to fill gaps in an otherwise standardised set of 

contractual terms. The algorithmic function can be used for the purpose of, for example, price-setting. 

Amazon, for instance, has been shown to use complex algorithms to determine the exact price of goods 

at specific moments in time for individual users.59 Contracts that fall into this category are identified as 

“gap-filler algorithmic contracts”. Their significance for contract law lies in the indeterminacy, at the 

time of entering the contract, of intermediate terms of particular importance (such as the price, in the 

Amazon example). There exists another broad category. These are the contracts in which the algorithm 

takes an active part in the negotiating phase and contributes to the determination of the ‘terms to offer 

and accept, or which company to do the deal with’.60 These are referred to as “negotiator algorithmic 

contracts” and have been examined in the field of High Frequency Transactions.61 Their significance for 

contract law lies in the implications that reliance on the negotiator algorithm has for the dynamics of offer 

and acceptance between contracting parties. Indeed, in this scenario, a discrete entity, the algorithm, 

which is separate from the contracting parties and lacks legal personality, is tasked with making 

fundamental determinations as to the content of the contract.   

Within the broad category of negotiator algorithmic contracts, lies the sub-category of “nudging 

algorithmic contracts”, in which the algorithm performs a nudging function to specifically tailor 

contractual content so as to attract counterparties. This is an increasingly dominant feature of consumer 

contracts concluded through use of online platforms such as Amazon,62 and more generally the 

widespread practice of online contracting that relies on the patterns derived by the accumulation of 

“cookies” as explained by the Australian Competition and Consumer Commission (‘ACCC’).63 In recent 

years, the diffusion of the Internet of Things (‘IoT’), and specifically of those home devices capable of 

direct verbal interaction with members of a household (such as Amazon’s Alexa and Google’s Home 

Assistant) are creating a new dimension to this already highly complex phenomenon.64 This is particularly 

 
56  Although the literature uses ‘execution’, ‘enforcement’ and ‘performance’ interchangeably, given established 

terminology in Australian contract law, performance is the most appropriate term in this context, see Jeannie Patterson, 

Andrew Robertson and Arlen Duke, Principles of Contract Law (Thomson Reuters, 5th ed, 2016) pt 7 ch 18. 
57  Note that overlaps may exist between algorithmic contracts and those particular types of smart contracts, such as the 

cryptocurrency Ethereum, where the entire agreement is laid down in code and the ‘smart’ technology drives both the 

formation and performance of the contract.  
58  Scholtz (n 3) 134. 
59  Peter Rott, ‘A Consumer Perspective on Algorithms’ in Lucila de Almeida, Marta Cantero Gamito, Mateja Durovic and 

Kai P Purnhagen,(eds), the Transformation of Economic Law – Essays in Honour of Hans-W. Micklitz (Hart Publishing, 

2019) 43; Le Chen and Christo Wilson, ‘Observing Algorithmic Marketplaces In-the-Wild’ (2017) 15(2) ACM SIGecom 

Exchanges 34; Le Chen, Alan Mislove, and Christo Wilson, ‘An Empirical Analysis of Algorithmic Pricing on Amazon 

Marketplace’ in Proceedings of the 25th International Conference on World Wide Web (2016) 1339,  

<doi.org/10.1145/2872427.2883089>. 
60  Lauren H Scholtz, ‘Law and Autonomous Systems Series: Toward a Consumer Contract Law for an Algorithmic Age’, 

Oxford Business Law Blog (Blog Post, 17 April 2018) https://www.law.ox.ac.uk/business-law-blog/blog/2018/04/law-

and-autonomous-systems-series-toward-consumer-contract-law. 
61  Scholtz (n 3) 137; see also Gianluca PM Virgilio, ‘High-Frequency Trading: A Literature Review’ (2019) 33(2) 

Financial Markets and Portfolio Management 183. 
62  Rott (n 63) 44; Chen and Wilson (n 63) 37. In general, on the use of digital technologies by businesses to shape 

consumer behaviour and “nudge” contractual transactions see Eliza Mik, ‘The Erosion of Autonomy in Online Consumer 

Transactions’ (2016) 8(1) Law, Innovation and Technology 1. 
63  ‘Cookies are small files that are placed on users’ computers and store data on their activity and browsing, specific to 

different websites. When a user visits a website, that website might automatically and invisibly send a cookie to the 

user’s computer. This cookie then helps the website keep track of the user’s visits and activity on the website and allows 

the website to deliver webpages tailored specifically to that user. For example, an online retailer website may use cookies 

to keep track of what a user is adding to their shopping cart as they navigate the website across different sessions.’ 

Australian Competition and Consumer Commission (‘ACCC’), Digital Platforms Inquiry: Final Report (Final Report, 

2019) 130. 

64  Kayleen E Manwaring, 'Surfing the Third Wave of Computing: Consumer Contracting with eObjects in Australia' (PhD 

Thesis, University of New South Wales, 2019), 152-163. 

https://www.law.ox.ac.uk/business-law-blog/blog/2018/04/law-and-autonomous-systems-series-toward-consumer-contract-law
https://www.law.ox.ac.uk/business-law-blog/blog/2018/04/law-and-autonomous-systems-series-toward-consumer-contract-law
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the case in those households where IoT devices are used carry out a range of domestic functions, such as 

the performance of aged care services.65 Home devices (such as Alexa) and other IoT devices may well 

become the frontier of algorithmic contracting insofar as they are able to perform both a negotiator and 

nudging function. From a lawyer’s perspective, these modes of algorithmic contracting may be easier to 

conceptualise as a recognisable form of interaction takes place between a party and a physical device 

capable of forming a relational bond with a person through, principally, verbal interactions.66 However, 

the fundamental characteristics of that particular context in which algorithmic contract are formed apply 

equally in less intuitive situations such as consumer contracting through digital platforms, because at their 

core, home and IoT devices and other online digital platforms all share essential functional features 

insofar as they rely on the operation of machine-learning algorithms. 

Algorithmic contracts are also to be distinguished from other software-generated contractual content. 

Machine learning algorithms have a peculiar nature: they rely on data to develop patterns as the basis for 

predictions, and with the availability of Big Data their functionality is far reaching and expanding by the 

day.67 What characterises Big Data are the so called three-Vs: Volume, Velocity and Variety.68 Gartner 

defines Big Data as ‘high-volume, high-velocity and/or high-variety information assets that demand cost-

effective, innovative forms of information processing that enable enhanced insight, decision making, and 
process automation’.69 As a result, the size of the datasets from which the content for algorithmic contracts 

is drawn is beyond the capabilities of traditional data processing technology and comes in different 

formats and from different sources, with the processing effectively performed in real time streaming.  

Arguably, it is due to the very nature of Big Data and the scope of its reach that an inherent characteristic 

of machine learning algorithms is the unavoidably opaque and technical manner in which their output is 

produced, a phenomenon widely referred to as the “black box”.70 Indeed, often even the algorithm’s 

designer is not able to predict the algorithm’s output and neither can they reverse engineer that output.71 

This is distinct from more generic software-generated output as, although some software-generated 

contractual content may include machine-learning algorithms,72 this is not necessarily the case.  

3.2 Proliferation and emergence 

 
65  A number of companies specialise in the provision of such services, for example Orbita <https://orbita.ai> or Careangel 

<https://www.careangel.com>, using devices including Amazon Echo. The phenomenon is briefly described in Shourjya 

Sanyal, ‘How AI is Revolutionising Elderly Care’, Forbes (online 31 October 2018) 

<https://www.forbes.com/sites/shourjyasanyal/2018/10/31/how-is-ai-revolutionizing-elderly-care/#55225a13e07d>, and 

is also being closely studied by Australian social science scholars, see for example the ARC Discovery Project ‘Ageing 

and new media: A new analysis of older Australians’ support networks’ (2016-2020) led by Professor Loretta Baldassar 

at the University of Western Australia, project reference available at <http://purl.org/au-

research/grants/arc/DP160102552>. 
66  Kayleen E. Manwaring, ‘Emerging Information Tehcnologies: Challenges for Consumers’ (2017) 17(2) Oxford 

University Commonwealth Law Journal 265. 
67  Daniel E O’Leary, ‘Artificial Intelligence and Big Data’ (2013) 28(2) IEEE Intelligent Systems 96. The phenomenon is 

fast growing across sectors, see, eg, in healthcare Andrew L Beam and Isaac S Kohane, ‘Big Data and Machine Learning 

in Health Care’ (2018) 319(13) JAMA 1317. 
68  Though note that this traditional definition has been supplemented by further characteristics such as Veracity, and Value, 

see Ishwarappa and J Anuradha, ‘A brief introduction on big data 5Vs characteristics and hadoop technology’ [2015] 48 

Procedia Computer Science 319. 
69  Marc A Beyer and Douglas Laney, The Importance of “Big Data”: A Definition (Gartner report, 2012); see also Andrea 

De Mauro, Marco Greco and Michele Grimaldi, ‘What is Big Data? A Consensual Definition and a Review of Key 

Research Topics’ (2015) AIP Conference Proceedings 1644, 97, <http://dx.doi.org/10.1063/1.4907823>; Harry E Pence, 

‘What is Big Data and Why is it Important?’ (2015) 43(2) Journal of Educational Technology Systems 159. 
70  See, eg,Yavar Bathaee, ‘The Artificial Intelligence Black Box and the Failure of Intent and Causation’ (2018) 31(2) 

Harvard Journal of Law & Technology 889. The term black box has also been used by Frank Pasquale to indicate the 

separate but related issue of corporate use and abuse of Big Data through the operation of secretive algorithms in Frank 

Pasquale, The Black Box Society – The Secret Algorithms That Control Money and Information (Harvard University 

Press, 2015). 
71  Bathaee (n 74) 899. 
72  An example of such a software is the programme called LexPredict, which uses an algorithm to ‘process publicly 

available contracts and suggest drafting language based on these contracts’, Kathryn D Betts & Kyle R Jaep, ‘The Dawn 

of Fully Automated Contract Drafting: Machine Leaning Breathes New Life into a Decades-Old Promise’ (2017) 15(1) 

Duke Law & Technology Review 216, 226. 

https://www.careangel.com/
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While algorithms can impact several stages of a contract’s life-cycle, this article focuses specifically on 

the under-explored issue of reaching an agreement — the “meeting of the minds” — in algorithmic 

contracting. This stage in the formation of algorithmic contracts is often simply accepted and glossed 

over without in-depth engagement with its potential consequences.73 There are two main reasons why it 

warrants scholarly attention and debate: proliferation and emergence.  

Firstly, algorithmic contracts are proliferating at a rapid rate. The diversity of examples, spanning 

consumer contracts to stock trading,74 is evidence that algorithmic functionalities, whether in the form of 

negotiating techniques, persuasive nudging or contractual gap-filling, are pervasive in contemporary 

contractual relations and increasingly becoming the norm. Aside from established areas in which 

algorithmic contracts are currently widely used, the potential use of this contractual form is expanding. 

Recently, the Global Head of Digital Law in one of Australia’s top international law firms painted a future 

characterised by increasing reliance on digital technologies to the point that ‘a contract is turning from a 

piece of paper into a piece of software’.75 An area of particular concern, which is gaining momentum, is 

that of employment contracts, where employers are rely on algorithmic operativity from recruitment to 

management of the workforce, with progressive expansion towards actual formation of employment 

contracts.76 Coupled with this proliferation, is the fact that algorithmic contracts challenge the very nature 
of traditional contractual relations by creating a peculiar novel form of relationship between at least one 

contracting party and an algorithm, a relationship that can significantly alter the well-established contract 

law concepts of intention and consent. Indeed, evidence from studies conducted across a number of fields 

suggest that algorithmic outputs are often taken at face value, with the algorithm’s assumed inherent 

fairness and trustworthiness inextricably yoked to its perceived efficiency and objectivity.77 This is not to 

say that the novel relationship replaces that with the contractual counterparty. The contention is rather 

that, alongside, the traditional relationship between the two contracting parties, there exists a 

complementary one between the first contracting party (referred to as ‘the contracting party’ in this 

article) which is mandated or prompted by the other contracting party (referred to ‘the benefitting party’ 

in this article) who stands to benefit from employing the algorithm in the contracting process. 

Secondly, there may be instances where the emergence of specific contractual terms from the algorithmic 

black box is both unpredicted and unpredictable.78 In such cases, traditional contractual remedies may be 

ill-equipped to address consequential disputes that arise, as they typically respond to the nature of the 

agreed and pre-determined term/s and/or to the intended significance and effect of the term/s at the time 

 
73  There is a wealth of literature on Smart Contracts discussing the issues surrounding formation. By contrast there is very 

little on the more complex issues arising from the formation of ‘Algorithmic Contracts’. These are the issues often 

acknowledged without further engagement. See, eg, Mateja Durovic and André Janssen, ‘The Formation of Blockchain-

based Smart Contracts in the Light of Contract Law’ (2018) 26(6) European Review of Private Law 753. 
74  See the brief discussion above (n 64-69) when categorising the various types and subtypes of algorithmic contracts. See 

also Agnieszka Jabłonowska et al., ‘Consumer law and artificial intelligence - Challenges to the EU consumer law and 

policy stemming from the business’ use of artificial intelligence’, (EUI Working Papers LAW 2018/11, Department of 

Law, European University Institute, 2018), which identifies those sectors where businesses routinely use AI in their 

transactions. The identified sectors are: finance and insurance (20); information services (22); energy and ‘smart 

solutions’ (25); retail (27); autonomous vehicles (29); healthcare (30); and legal (33). See also Beverly Rich, ‘How AI is 

Changing Contracts’, Harvard Business Review (online, 12 February 2018) < https://hbr.org/2018/02/how-ai-is-

changing-contracts>.  
75  Natasha Blycha, Global Head of Digital Law at Herbert Smith Freehills, quoted in James Eyers, ‘Herbert Smith Freehills, 

King & Wood Mallesons back Australian National Blockchain’, Financial Review (online, 6 September 2018)  

<https://www.afr.com/business/legal/herbert-smith-freehills-king--wood-mallesons-back-australian-national-blockchain-

20180905-h14yg3>.  
76  Valerio De Stefano, ‘“Negotiating the Algorithm”: Automation, Artificial Intelligence and Labour Protection’, 

(Employment Working Paper No. 246, Employment Policy Department, International Labour Office, 2018). 
77  For examples of our daily reliance on algorithmic decision-making see Min Kyung Lee, ‘Understanding Perception of 

Algorithmic Decisions: Fairness, Trust, and Emotion in Response to Algorithmic Management’ (2018) 5(1) Big Data & 

Society 1. See also Dionysios S Demetis and Allen S Lee, ‘When Humans Using the IT Artefact Becomes IT Using the 

Human Artifact’ (2018) 19(10) Journal of the Association for Information Systems 929, who argue ‘that humans can now 

be considered artefacts shaped and used by the (system of) technology rather than vice versa’. See also the multiple 

examples provided by Alex P Miller, ‘Want Less-Biased Decisions? Use Algorithms.’, Harvard Business Review 

(online, 26 July 2018) <https://hbr.org/2018/07/want-less-biased-decisions-use-algorithms>.  
78  Scholtz (n 3) 136. On the notion of ‘emergence’ in general see Ryan Calo, ‘Robotics and the Lessons of Cyberlaw’ 

(2015) 103(3) California Law Review 513, 538; Allen and Widdison (n 53). 
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of agreement.79 If at least one of the parties to the contract did not and could not have predicted the precise 

nature and/or effect of one or more of the contractual terms emerging from the algorithmic black box 

when they entered the contract, there may be questions as to the enforceability (or even existence tout 
court) of the contract.80 It bears noting that, while questions about the existence of a contract the terms of 

which are unknown and unknowable to the parties is certainly relevant in the realm of gap-filling and 

negotiating algorithms, they do not arise in the context of nudging algorithms where the actual terms of 

the contract are known at the time the contract is concluded, but where the question is more squarely one 

of how the terms were agreed and the influence the algorithm had over the contracting party that accepted 

them. Beyond the question of existence, other theoretical questions regarding the nature of the 

relationship with, and the consequences of the reliance upon, the algorithm from which the contract 

emerges can legitimately be raised. 

3.3 Three theoretical approaches to algorithmic contracts 

A review of the literature identifies three main theoretical approaches to integrating digitally enhanced 

contracts into the categories and functioning of contract law. These theories also provide alternative 

conceptual frameworks for understanding the role of the algorithm in the formation of algorithmic 

contracts.  

The first approach, known as the “mere tool” approach, is the most common theoretical explanation 

for that sub-species of digitally enhanced contract where the automation is limited to performance of the 

contract.81 This approach presupposes that the algorithm act as a ‘servant’82 of the party deploying it, and 

that, as such, it is not delegated the authority to independently make determinations on the contractual 

content and, thus, on the legal rights and obligations of the contracting parties. Rather, the algorithm is 

merely a tool for giving effect to those rights and obligations through automated performance of the 

agreed terms. While this theoretical approach is attractive for its simplicity, its application is limited to 

circumstances in which the algorithm passively performs the obligations actively agreed to by the human 

contracting parties. This approach caters for automated mechanisms that operate simply as a means of 

communication. In simple terms, the automated mechanisms rely on the contractual party’s instructions 

without taking an active part in the shaping of the contractual content.83 Over time, contract law has dealt 

with numerous technological advancements that have included novel forms of communications of this 

sort. The most obvious example is the Postal Acceptance Rule and its subsequent adaptations that 

accommodated the advent of telecommunications such as facsimile and email.84 However, approach is of 

limited assistance in understanding algorithmic contracts as it fails to capture adequately the complexity 

of the active role machine learning algorithms increasingly play in the process of contract formation, to 

the point where the human contracting parties effectively cede (at least a portion of) control over the 

negotiating process and the determination of the terms of the final contract.  

A second theoretical approach, first developed in the mid-90s in relation to software-generated 

contractual content,85 is based on the traditional objective theory of contract. Allen and Widdison have 

argued for the adaptation of the theory to computer-generated contracts on the basis of Atiyah’s 

proposition that a party ‘is bound not so much because of what he intends but because of what he does’.86 

 
79  Patterson, Robertson and Duke (n 60) pt 5 and 6.  
80  Scholtz (n 3) 149, gives a number of reasons why both at law and as a matter of policy, it is unclear whether Black Box 

algorithmic contracts are and/or should be enforceable. See also the relevant discussion in Jabłonowska et al. (n 78) 57. 
81  Chopra and White (n 58) 370; Durovic and Janssen (n 77) 760; Ooi (n 56) 3. 
82  Scholtz (n 3) 133. 
83  Durovic and Janssen (n 77) 762, explaining the mechanism of offer and acceptance in the context of smart contracts. See 

also Kevin Werbach, ‘Trust but Verify: Why the Blockchain Needs the Law’ (2018) 33 Berkeley Technology Law 

Journal 489, 505, defining smart contracts as ‘active’ in the sense that they are ‘part of a consensus system, so they must 

ensure that recorded transactions are actually completed to match consensus’ —but they do not actively shape that 

consensus. 
84  For a discussion of the applicability of the Postal Acceptance Rule to contracts concluded via electronic means see Eliza 

Mik, ‘The Effectiveness of Acceptances Communicated by Electronic Means, or — Does the Postal Acceptance Rule 

Apply to Email?’ (2009) 26(1) Journal of Contract Law 68. 
85  Allen and Widdison (n 56). 
86  Patrick S Atiyah, Essays on Contract (Oxford University Press, 1990) 22. This resonates with Randy Barnett’s point that 

an objectively manifested consent will normally be binding ‘because of its usual connection with subjective assent 

(thereby protecting the reliance of the promisor) and because people usually have access only to the manifested 



 11 

According to Allen and Widdison, this proposition justifies the fact that unread contacts are binding even 

though it may be difficult, in such circumstances, to demonstrate the party’s actual intention — a common 

situation in standard form contracting.87 So, the reasoning goes, if a party can be bound by a contract that 

they have not even read, they should equally be bound by a contract of which they similarly have not read 

at least some of the contractual content because it was determined automatically by software rather than 

inter-personal negotiations. As discussed above, although algorithmic contracts can be differentiated from 

software-generated contracts, the objective theory can arguably apply broadly to all digitally enhanced 

contracts where the parties, rather than agreeing to specific contractual terms, ‘express a prior intention 

to be bound by all contractual content applicable to a certain class or type of contract’.88 The simple fact 

that a party may not have voluntarily agreed to the exact content of a contractual provision should not 

render it invalid. Indeed, Andrew Robertson has made a compelling argument on the fallacy of 

voluntariness as a central tenet of contract law, as ‘[m]any contractual obligations arise from standard 

form terms, which are commonly unread, commonly misunderstood and routinely unavoidable due to the 

lack of available alternatives’.89 

On this basis, it would be tempting to simply equate algorithmic contracts to software-generated 

contracts, or even more broadly to standard form contracts, and thereby argue that parties will be bound 
to contractual content in algorithmic contracts even though the precise content is determined by the 

operation of an algorithm. However, there are two issues to be considered before the application of the 

objective theory to algorithmic contracts can be accepted on the basis of it being simply more of the same 

under new guise. First, adapting the theory to algorithmic contracts requires integrating the test of 

reasonableness that underpins this theory.90 Pursuant to this test, in the context of algorithmic contracts, 

the contract, or a term in the contract, is binding ‘so long as the promise made by the algorithm on behalf 

of the promisor can be reasonably inferred by the promisee to come within the generalised intention of 

the promisor’.91 This is a particularly thorny question where algorithmic contracts are involved due to the 

active, dynamic and opaque role of the algorithm in the formation of the contract. Indeed, unlike standard 

form contracts, the content of which is pre-determined and knowable,92 or software-generated contracts, 

the content-generation process of which is also knowable,93 machine learning algorithms are characterised 

by a distinctive level of opacity. The nature of the algorithmic contract, whether negotiating, gap-filling 

or nudging, gives rise to highly individualised — or tailor-made — unpredictable results that may vary 

from contract to contract. This is in stark contrast with the fundamental premise of standard form 

contracts, which is based on the mass use of pre-determined content.94 The objective theory of contract 

as commonly understood is thus arguably of limited assistance in understanding the role of the algorithm 

in algorithmic contracting. Adapting the objective theory of contract to the characteristics of algorithmic 

contacting would require a creative effort that is beyond the scope of this article.  

 
intentions of others (thereby protecting the reliance interest of the promise and others as well as the “security of 

transactions”)’, from Randy Barnett, ‘A Consent Theory of Contract’ (1986) 86 Columbia Law Review 269, 309-10, 

discussed in Paterson, Robertson and Duke (n 60) 14-17. The theory originally developed as a result of the 

‘“transformation” of contract law from an eighteenth century communitarian font of fairness and justice to a nineteenth 

century mercantile vehicle for risk taking’, Joseph M Perillo, ‘The Origins of the Objective Theory of Contract 

Formation and Interpretation’ (2000) 69(2) Fordham Law Review 427, 427. 
87  Allen and Widdison (n 56) 44. See also the in-depth discussion of empirical evidence showing how parties tend not to 

read standard-form contracts in Andrew Robertson, ‘The Limits of Voluntariness in Contract’ (2005) 29(1) Melbourne 

University Law Review 179, 188. 
88  Ooi (n 56) 12. 
89  Robertson (n 91) 216. Note however that David McLauchlan has recently posited that the objective theory does not void 

the subjective intentions of individual parties of any relevance: ‘The objective approach to issues of contract formation 

does not mean that the subjective intentions of the parties to an alleged contract are to be disregarded. On the contrary, 

the initial task of a court must surely be to ascertain whether a common intention did exist’: David McLauchlan, 

‘Contract Formation and Subjective Intention’ (2017) 34(1) Journal of Contract Law 41, 41. 
90  Robertson (n 91) 205. 
91  Ooi (n 56) 12. 
92  Although, despite being literally knowable, it may be hardly comprehensible: Robertson (n 90) 205. This article does not 

engage with that particular problem and remains focused on the specific issue of algorithmic contract formation. 
93  Note that this is only valid for software that is unable to change and evolve without human intervention.  
94  See also Robertson, (n 90); Jeannie M Paterson, ‘The Australian Unfair Contract Terms Law: The Rise of Substantive 

Unfairness as a Ground for Review of Standard Form Consumer Contracts’ (2009) 33(3) Melbourne University Law 

Review 934. 
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The third theoretical approach specific to algorithmic contracts is that of the “electronic agent”.95 This 

approach construes the algorithm determining contractual content as acting as the electronic agent for the 

benefitting party that employs and relies on the algorithm to transact on their behalf. Pursuant to agency 

principles, the acts of an agent acting within the course and scope of its actual or apparent authority will 

be sheeted home to the principal.96 A principal can authorise its agent expressly, by implication, or by 

ratification, that is, by accepting the benefits of the acts of the agent after the agent has acted.97 Naturally, 

because an electronic agent is not a legal person, the law of agency cannot be blindly transplanted, and 

requires some form of creative adaptation. Scholars have been discussing the merits of agency applied to 

artificial intelligence or algorithmic operation for some time. For example, Lauren Scholtz, who dodges 

the thorny question of whether an electronic agent can or should be considered a legal person, refers in 

this regard to a more limited notion of ‘constructive agency’ — shifting the focus away from the nature 

of the algorithm and redirecting it to the accountability of the benefitting party.98  

 

4 Addressing the challenge of algorithmic contracts – regulation or undue influence or 

both? 

4.1 The challenges of algorithmic contracts: formation and agreement 

As identified above, there are two types of algorithmic contacts: 

1. Gap-filler algorithmic contracts in which the content is partially determined by the parties and 

the algorithm fills in the gaps by populating the contract with binding content clauses initially left 

open. 

2. Negotiator algorithmic contracts in which the algorithm is active in determining the terms of the 

contract. These include nudging algorithmic contracts where the algorithm nudges the counter-

party into agreeing to a given set of tailor-made contractual terms; 

Although different in nature, these two types of algorithmic contracts pose a set of common challenges, 

in particular as regards the independence of the contracting party’s consent. These challenges relate 

specifically to the notion of “trustworthiness”. One of the basic tenets of algorithmic contracts is that they 

delegate the trust reposed by one party in another to the operation of the algorithm.99 In the context of 

negotiator and gap-filler algorithmic contracts, the basic assumption is that, given a certain dataset (for 

example, information about a certain market and/or market agent) an algorithm is capable of producing a 

contractual result that is based exclusively on the patterns emerging from the data, untainted by bias or 

conflict of interest.100 Yet, while it may well be true that the algorithm relies exclusively on the given 

datasets, the operation of the algorithm itself is only as trustworthy as its design and, more importantly, 

 
95  Chopra and White (n 58); Wettig (n 58). 

96  See, eg, Lloyd v Grace, Smith & Co [1912] UKHL 1, [1912] AC 716; Clancy v Prince [2001] NSWSC 85 (26 February 

2001) [61]. 
97  See, eg, Australian Blue Metal Ltd v Hughes (‘Hughes’) (1961) 79 WN (NSW) 498 [1962] NSWR 904, 924–6 (Jacobs 

J).  
98  Scholtz (n 3) 165. The argument is developed as follows: ‘The law should treat the intent and knowledge level of 

companies or individuals who use algorithms for contracting in the same way as the law would treat the intent and 

knowledge level of a principal in agency law … Algorithms can be agents without legal personality, or quasi-agents for 

the purpose of understanding the legal obligations of their principals. What is at stake here is the accountability situation 

faced by the principals using the algorithms.’ 
99  This point was first made with reference to smart contracts, which remove the need to trust the other party to perform the 

contract, by Tim Swanson, Great Chain of Numbers: A Guide to Smart Contracts, Smart Property and Trustless Asset 

Management (Creative Commons, 2014). With the increasing pervasiveness of algorithmic nudging, similar arguments 

have been made in other fields. See, eg, Ignas Kalpokas, Algorithmic Governance Politics and Law in the Post-Human 

Era (Springer, 2019) ch 4; ‘Personalisation, Emotion and Nudging’; Nicolò Zingales, ‘Antitrust intent in an age of 

algorithmic nudging’ (2019) 7(3) Journal of Antitrust Enforcement 386.  
100  The traditional view is discussed and debunked in Brent Daniel Mittelstadt, Patrick Allo, Mariarosaria Taddeo, Sandra 

Wachter and Luciano Floridi, ‘The Ethics of Algorithms: Mapping the Debate’ [2016] Big Data & Society, 

<https://doi.org/10.1177%2F2053951716679679>. 

http://www.bailii.org/uk/cases/UKHL/1912/1.html
http://classic.austlii.edu.au/cgi-bin/LawCite?cit=%5b1912%5d%20AC%20716
http://www.austlii.edu.au/au/cases/nsw/NSWSC/2001/85.html
https://www-westlaw-com-au.ezproxy.library.uwa.edu.au/maf/wlau/app/document?docguid=I82846df59dc511e0a619d462427863b2&&src=doc&hitguid=Id7379ff49c2311e0a619d462427863b2&snippets=true&startChunk=1&endChunk=1&isTocNav=true&tocDs=AUNZ_AU_ENCYCLO_TOC#anchor_Id7379ff49c2311e0a619d462427863b2
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its designer. The literature on algorithmic bias, including unconscious bias, is growing by the day.101 

However, so far, scholarly responses to the challenges this bias poses in the field of contract law are 

tentative and often framed as general acknowledgments of the problem with limited substantive 

contribution.102 

From the overarching issue of trust and trustworthiness stem two related but distinct additional 

challenges for algorithmic contracting: the first is “deference” and the second is what the authors identify 

as “algorithmic fatigue”. Deference relates to the tendency for contracting parties to defer to the trusted 

and all-knowing algorithm. Put simply, because they operate on the basis of massive data pools that 

surpass by several orders of magnitude computational abilities of traditional software (let alone the human 

brain), machine learning algorithms are instinctively deemed worthy of trust. Indeed, the tendency is to 

believe that they are objective, infallible, unbiased in the way they treat the data, and efficient.103 Recent 

studies in the field of healthcare have shown that, even where bias is known to end users of algorithmic 

outputs, the human tendency towards deference remains significant.104 In the context of nudging 

algorithmic contracting practices, it is worth signalling that typical nudging techniques adopted by online 

platforms include benign examples such as discounts or free deliveries for sales above a certain amount, 

or cross-listing items as ‘frequently bought together’. There is however a further dimension of nudging 
in the context of algorithmic contacting that goes beyond its typical form discussed by Cass Sunstein and 

Richard Thaler.105 This is a more subtle and powerful form of nudging, inherent in the functioning of 

machine-learning algorithms and Big Data, which has been recently termed ‘hypernudging’ by Karen 

Yeung,106 and treads closely to a form of exploitative manipulation of an individual’s state of mind as 

opposed to simply facilitating a preferred or preferable choice. Algorithmic fatigue is also related to trust 

and deference and describes the tendency towards the unquestioned acceptance of algorithmic outputs 

and their consequent enforceability, due to an overwhelming sense of powerlessness and exhaustion.107 

This is due in part to the technical difficulty of questioning such sophisticated outputs and in part to the 

pervasiveness of the phenomenon.108 The analogous concept of “consent fatigue” has been studied in 

depth in the related field of consent to the use of personal data.109  

As algorithmic negotiating and gap-filling become increasingly common in a wide range of 

commercial transactions, concerns around trustworthiness, algorithmic bias, deference and fatigue 

necessarily raise questions as to the independence of the contracting party’s decision-making and the 

quality of their consent. In Australia at least, such questions as to the quality of a contracting party’s 

 
101  See, eg, Rachel Courtland, ‘The bias detectives: As machine learning infiltrates society, scientists grapple with how to 

make algorithms fair’ [2018] 588 Nature 357; Jon Kleinberg, Jens Ludwig, Sendhil Mullainathan and Cass R Sunstein, 

‘Discrimination in the Age of Algorithms’ [2018] 10 Journal of Legal Analysis 113. 
102  Durovic and Janssen (n 77). Substantive issues are discussed in Vincent Ooi and Soh Kian Peng, ‘Cryptocurrencies and 

Code Before the Courts - B2C2 Ltd v Quoine Pte Ltd’ (2019) 30(3) King’s Law Journal 331. The authors analyse the 

case proposing an interesting approach based on the applicability of the law of mistake in situations in which the 

algorithm produces an unexpected result. Note that this comment, and the judgment it refers to, are only relevant to fully 

coded cryptocurrencies. The focus of this article is broader—algorithmic contracts. 
103  See Deven R Desai and Joshua A Kroll, ‘Trust but Verify: A Guide to Algorithms and the Law’ (2017) 31(1) Harvard 

Journal of Law & Technology 1, 4. 
104  Ravi B Parikh, Stephanie Teeple and Amol S Navathe, ‘Addressing Bias in Artificial Intelligence in Health Care’ (2019) 

322(24) JAMA 2361, <https://doi.org/10.1001/jama.2019.18058>. This may be partially due to the related problem of 

anchoring, which characterises the way in which the human mind operates in virtually any decision-making scenario 

characterised by uncertainty: Daniel Kahneman, Thinking, Fast and Slow (Penguin Books, 2012) pt II. 
105 Richard Thaler and Cass Sunstein, Nudge (Penguin Books, 2008). 
106 Karen Yeung, ‘‘Hypernudge’: Big Data as a mode of regulation by design’ (2017) 20(1) Information, Communication & 

Society 118. 
107  See Jojanneke Van der Toorn et al, ‘A Sense of Powerlessness Fosters System Justification: Implications for the 

Legitimation of Authority, Hierarchy, and Government’ (2015) 36(1) Political Psychology 93 who explain how 

powerlessness leads to acceptance and legitimation of controlling forces. On the phenomenon of deference to algorithms 

triggered by powerlessness see Kristen Martin, ‘Ethical Implications and Accountability of Algorithms’ (2019) 160 J Bus 

Ethics 835, <https://doi.org/10.1007/s10551-018-3921-3>.  
108  Note that this type of fatigue is to be distinguished from the fatigue stemming from the separate phenomenon of 

‘boilerplate’ contracts, because as discussed above, the focus in algorithmic contracting is on the process of contractual 

formation rather than the contractual content, which is fixed and knowable in the case of boilerplate contracts. For 

discussion of the potential remedies (contractual and beyond) potentially engaged in the context of boilerplate contracts 

see Margaret J. Radin, Boilerplate (Princeton University Press, 2013). 
109  The issue is discussed at length in ACCC (n 67) 464-70. 
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consent have traditionally been addressed through the equitable doctrine of undue influence. However, in 

recent decades, the position of weaker parties (chiefly consumers) in commercial transactions has also 

been addressed by a consolidated corpus of regulatory interventions. In the context of algorithmic 

contracts, one is, therefore, prompted to ask, firstly, can regulatory intervention be a useful tool in 

addressing the challenges of algorithmic contracts? And, secondly, is the doctrine of undue influence 

capable of adapting to this new form of contracting? 

4.2 Basic parameters for regulatory intervention 

There is a range of regulatory models that can potentially be deployed to harness and manage the 

phenomenon of algorithmic contracts. It is beyond the scope of this article to canvas them all. What is 

useful, however, is to sketch some essential parameters as to the potential nature and extent of regulatory 

interventions in this area by reflecting briefly on the contexts, the models, the limits and the principles 

underpinning such interventions. 

4.2.1 Contexts  

Regulatory intervention is both goal-driven and context dependant,110 with certain contexts suggesting 

the need to pursue particular governance goals. The proliferation of algorithmic contracts certainly 

requires some form of intervention in particular categories of commercial transactions characterised by 

the presence of a structurally weaker contracting party. Current Australian initiatives on digital 

technology regulation, respectively led by the ACCC111 and Australian Human Rights Commission,112 

are good examples of the context-dependency of regulatory intervention. The former is focused on 

consumers and digital platforms, and the latter on the protection of human rights, particularly those of 

people with disabilities. However, the natural corollary of this observation is that not every context 

necessarily requires regulatory intervention. The phenomenon of algorithmic contracts is not limited to 

consumer contracts and extends to transactions that are not necessarily characterised by structural 

weakness of one contracting party.113  

4.2.2 Models  

Regulatory models are selected and adapted (or indeed designed) on the basis of the context identified as 

in need of regulatory intervention. Such models can span a number of options, ranging from statutory 

command-and-control, to public-private regulatory partnerships, to soft codes of conduct.114 Using the 

example of consumer law, which is characterised by significant levels of statutory intervention, it is not 

entirely clear whether the current regime governing consumer contracts is capable of facing the challenges 

of algorithmic contracts or whether reform will be needed.115 Research conducted in other jurisdictions 

suggests complementing existing consumer protections with regulatory frameworks that level the playing 

field by ensuring that consumers are themselves assisted by algorithms when entering algorithmic 

contracts — a solution that poses its own set of problems.116 Beyond consumers, other areas involving 

structurally weaker contracting parties such as employment contracts and digitised aged care may require 

 
110  See, eg, Julia Black, ‘Regulatory Styles and Supervisory Strategies’ in Niamh Moloney, Eilís Ferran, and Jennifer Payne 

(eds), The Oxford Handbook of Financial Regulation (Oxford University Press, 2015). 
111  ACCC, ‘Digital Platforms Inquiry’ <https://www.accc.gov.au/focus-areas/inquiries-ongoing/digital-platforms-inquiry>. 
112  Australian Human Rights Commission, ‘Human Rights and Technology’ 

<https://tech.humanrights.gov.au/?_ga=2.95525724.1115001781.1575892618-1367273310.1575892618>. 
113  See, eg, High Frequency Trading involves trading companies and stock brokers often operating on a level playing field. 
114  See generally Antony Ogus, Regulation: Legal Form and Economic Theory (Hart Publishing, 2004); Robert Baldwin, 

Martin Cave, and Martin Lodge (eds), Oxford Handbook of Regulation (Oxford University Press, 2010); Peter Drahos 

(ed), Regulatory Theory: Foundations and applications (ANU Press, 2017). Specifically on the increasing public-private 

regulatory partnerships see Fabrizio Cafaggi, ‘Transnational Private Regulation and the Production of Global Public 

Goods and Private ‘Bads’ (2012) 23(3) European Journal of International Law 695. 
115  It is unclear for example whether the provisions of the Australian Consumer Law on Unfair Contract Terms will be able 

to capture the complexity of algorithmic contracting, or whether broader unfair trading practices provisions will be 

necessary. It bears noting in this sense that UCT provisions focus very much on the unfair content of contractual 

provisions, whereas questions raised by the phenomenon of algorithmic contracting addressed in this article relate to the 

process of formation and generation of contractual content. In the more restricted context of digital platforms, the ACCC 

is proposing a number of reforms, see ACCC (n 67) 4-29. 
116  Marco Lippi et al, ‘CLAUDETTE: An Automated Detector of Potentially Unfair Clauses in Online Terms of Service’ 

(2019) 27(2) Artificial Intelligence and Law 117. 
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explicit and targeted “hard law” interventions. On the other hand, other commercial transactions may 

only require “softer” approaches, including for example voluntary standards or codes of conduct, or no 

intervention at all — a position likely to be preferred by the more traditional laissez-faire contract law 

doctrine and jurisprudence.117 

4.2.3 Limits  

Whatever the context in which it operates and the form it takes, regulatory intervention has unavoidable 

limits.118 This general observation rings particularly true in the context of algorithmic contracts. No 

regulatory framework, no matter how sophisticated, can possibly encompass the full spectrum of nuances 

generated by the constant evolution of the human-machine relationship.119 The sheer pace of 

technological advancement is a formidable challenge. Therefore, whatever the model, regulatory 

intervention require solid anchoring to established legal principles and doctrines. 

4.2.4 Principles 

A principled-based approach120 avoids the risks and inherent limits of granular rule- and standard-setting, 

and rather sets out to govern a given phenomenon through the provision of general guiding principles 

such as fairness, transparency and good faith. The flexibility of this approach is intuitively appealing for 

a technically complex, fast-changing and expanding phenomenon such as algorithmic contracts. The issue 

is that the underpinning principles need to be given substance to be effectively operationalised.121 This 

can prove challenging in the absence of consolidated practices and jurisprudence. In contexts where 

regulatory intervention is appropriate to govern algorithmic contracts, it may fruitfully learn lessons from 

established principles of equity where appropriate analogies can be drawn.  

In summary, specific regulatory intervention may not be necessary to tackle the challenges posed by 

algorithmic contracts — and where specific contexts do warrant regulatory intervention, it should be 

informed by established legal and equitable principles. The question, however, is whether such principles 

are sufficiently adaptable to address the challenges presented by algorithmic contracts. In this article we 

specifically ask whether the equitable doctrine of undue influence is able to adapt to algorithmic contracts. 

4.3 Adaptability and applicability of undue influence 

An important first step in analysing the adaptability and applicability of undue influence to algorithmic 

contracts, is to identify the party seeking equity’s assistance. While there are necessarily at least two 

parties to the impugned transaction, it is the contracting party who contracts with and through the 

algorithm that is most likely to seek equitable relief to avoid the transaction as against the benefitting 

party who employs and relies on the algorithm to transact on their behalf.  

 
117  See Donal Nolan, ‘The Classical Legacy and Modern English Conrttact Law’ (1996) 59(4) The Modern Law Review 

603; Patrick S Atiyah, The Rise and Fall of Freedom of Contract (Oxford University Press, 1985). For a discussion of 

classical contract theory, its criticism and alternatives, see Paterson, Robertson and Duke (n 60) 6-36. 
118  The limits of regulation are both practical and structural. See,eg, Stephen Argument, ‘Australian Democracy and 

Executive Law-making: Practice and Principle (Part I)’ (Papers on Parliament n. 66, Parliament of Australia, October 

2016) 

https://www.aph.gov.au/About_Parliament/Senate/Powers_practice_n_procedures/pops/Papers_on_Parliament_66/Austr

alian_Democracy_and_Executive_Law-making_-_Practice_and_Principle_-_Part_I. On the structural limits see, eg, John 

Braithwaite, Regulatory Capitalism: How it Works, Ideas for Making it Work Better (Edward Elgar, 2008). 
119  The literature is vast and constantly shifting between enthusiasm and catastrophism. Providing a full account of the 

debate is beyond the scope this article. Note the interesting position recently taken by Nicholas A Christakis, ‘How AI 

Will Rewire Us: For better and for worse, robots will alter humans’ capacity for altruism, love, and friendship’, The 

Atlantic (online, April 2019) <https://www.theatlantic.com/magazine/archive/2019/04/robots-human-

relationships/583204/>. 
120  Julia Black, Martyn Hopper and Christa Band, ‘Making a Success of Principles-based Regulation’ (2007) 1(3) Law and 

Financial Markets Review 191; Julia Black, ‘Forms and Paradoxes of Principles-Based Regulation’ (2008) 3(4) Capital 

Markets Law Journal 425; Vincent Di Lorenzo, ‘Principles-Based Regulation and Legislative Congruence’ [2012] 15 

NYU Journal of Legislation and Public Policy 45. 
121  Australian Law Reform Commission, The Future of Law Reform: A Suggested Program of Work 2020-25 (2019) 32; see 

also Jeannie Marie Paterson and Elise Bant, ‘Mortgage Broking, Regulatory Failure and Statutory Design’ (2020) 31 

Journal of Banking and Finance Law and Practice 7. 

https://www.aph.gov.au/About_Parliament/Senate/Powers_practice_n_procedures/pops/Papers_on_Parliament_66/Australian_Democracy_and_Executive_Law-making_-_Practice_and_Principle_-_Part_I
https://www.aph.gov.au/About_Parliament/Senate/Powers_practice_n_procedures/pops/Papers_on_Parliament_66/Australian_Democracy_and_Executive_Law-making_-_Practice_and_Principle_-_Part_I
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A seemingly simple approach to applying undue influence to algorithmic contract might be to regard 

the benefitting party’s reliance on the algorithm to negotiate and conclude the contract on its behalf as 

just one of several facts to be taken into account in assessing whether the contract can be vitiated on the 

grounds undue influence. However, the difficulty with this analysis lies in establishing the essential core 

element of undue influence — a relationship of trust and confidence, ascendancy and excessive 

dependence. Typically, the parties to an algorithmic contract deal with one another remotely and 

indirectly via the conduit of the algorithm. There is, therefore, no relationship to speak of between the 

contracting and benefitting parties, whether pre-existing (for relational undue influence) or transaction-

specific (for non-relational undue influence). It is for this reason that a more nuanced and detailed analysis 

that conceives of the benefitting party’s reliance on the algorithm as the insertion of a third party into the 

contract formation is preferred.  

It may not be possible, indeed it would be artificial to try, to identify in algorithmic contracts any 

active wrongdoing or exploitation of the contracting party by the algorithm. It is unlikely, therefore, that 

an undue influence doctrine premised on active exploitation can be adapted and applied to algorithmic 

contracts. By contrast, the concerns that arise in such contracts as to the influence of the algorithm on the 

contracting party’s decision-making and the quality of their consent are reminiscent of the impaired 
consent approach to undue influence that prevails in Australia.122 These concerns also point to the need 

to protect contracting parties against the risk of abuse that underpins the alternative public policy rationale 

of undue influence. 

Specifically, as noted in Part 3 above, the trustworthiness, deference and fatigue inherent in 

algorithmic contract formation may result in the contracting party placing unquestioned trust in the 

algorithm to determine the contract terms on their behalf; terms that, unlike boilerplate contracts, are not 

known or knowable in advance.  Rather than acting autonomously and independently in entering into the 

contract, the contracting party may defer their decision-making and rely on the (potentially biased) 

algorithm to determine all, or least some, of the contractual terms. It follows that these features of 

algorithmic contracts potentially enliven undue influence as a vitiating factor should the contracting party 

later seek to resile from the contract.  

While these inherent features of algorithmic contracts raise concerns that are typically the province of 

impaired consent based undue influence, the wrinkle in this analysis is the apparent absence of the 

essential core relationship requirement. It is, of course, difficult to construe the interaction between a 

human contracting party and an algorithm as establishing a relationship in a traditional sense. But the 

trust and deference that a contracting party places in an algorithm to produce an appropriate and fair 

output is arguably analogous to that which can be observed in the relationships of trust, dependence and 

deference that are accepted as giving rise to a presumption of undue influence, particularly those 

relationships involving trusted advisors, such as the solicitor-client and doctor-patient relationships.123 

Such trust, dependence and deference are grounded in the salient features of human-algorithm interaction: 

the assumption that algorithms operate free of human imperfections such as bias and conflict of interest; 

the very human tendency to defer to technologically generated content particularly in the era of Big Data 

where the ability of machine learning algorithms to process vast amounts of data escape human 

comprehension; and the overwhelming sense of fatigue that the nature and pervasiveness of algorithmic 

operativity can trigger in the human at the receiving end of the algorithmic output. The level of trust, 

dependence and deference that a contracting party places in the operation of the algorithm arguably gives 

rise to a sui generis form of relationship. While the exact nature of such a relationship is difficult to 

capture in objective terms, it resembles some of the traditionally established relationships of relational 

undue influence. But it is different from these established relationships in that it is transaction-specific 

rather than pre-existing and in that sense arguably falls more comfortably into a non-relational, actual 

undue influence framework. 

 
122  Thorne (n 7). 
123  O’Brien (n 11) 189 (Browne-Wilkinson LJ). For a solicitor client relationship see Dowsett v Reid [1912] HCA 75, (1912) 

15 CLR 695, 707 (Barton J) and for a doctor patient relationship see Gibson v Russell (1842) 2 Y C Ch 104, [1843] EngR 

353, 63 ER 46.  

http://www.austlii.edu.au/au/cases/cth/ArgusLawRp/1912/136.html
http://classic.austlii.edu.au/cgi-bin/LawCite?cit=%281912%29%2015%20CLR%20695
http://classic.austlii.edu.au/cgi-bin/LawCite?cit=%281912%29%2015%20CLR%20695
http://www.worldlii.org/int/cases/EngR/1843/353.html
http://www.worldlii.org/int/cases/EngR/1843/353.html
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However, the examination of the way in which algorithms operate in creating contractual content, 

whether as negotiators, gap-fillers, or through nudging, and algorithmic bias and black box emergence in 

Part 3 above, casts doubt over the trustworthiness of algorithms. Not only is the algorithm only as 

trustworthy as the human that designed it, but the algorithmic output is commonly both unpredicted and 

unpredictable. Both bias and unpredictability point to the inability in some cases to reasonably infer an 

intention on the part of the contracting party to enter into the contract on those exact terms. While bias 

and unpredictability may raise concerns as to the genuineness of the contracting party’s contractual intent, 

whether or not the algorithm is actually unbiased and/or trustworthy is besides the point. What enlivens 

the doctrine of undue influence is that the contracting party at the receiving end of the potentially biased 

and unpredictable algorithmic output perceived the algorithm to be trustworthy and, whether because of 

this perceived trustworthiness, or deference, or algorithmic fatigue, or all three, did not act autonomously 

when entering into the contract but, rather, relied on, and deferred their judgement to, the algorithm to 

determine the terms of the contract.  

Admittedly, trust and trustworthiness are amorphous concepts and it may be questioned whether the 

trust a contracting party reposes in an algorithm reflects normatively the concept of trust underpinning 

the doctrine of undue influence. In his analysis of different types of social capital, which is fundamentally 
derived from trust, Robert Putnam differentiates between “bonding” and “bridging” social capital. 

Bonding social capital is inwards oriented and characterises the relationships an individual has with their 

family and those within their close social circle. By contrast, bridging social capital is outwards oriented 

and links people from a broad social spectrum on the basis of a number of key characteristics. These 

characteristics are many and varied and may include, among others, the sharing of a particular political 

view, or the interplay between competences and social needs. Both bonding and bridging social capital 

can form the basis of the relationship of trust, reliance and dependency required in undue influence. This 

can be seen in some of the exhaustive categories of relationships that are accepted as being relationships 

that may give rise to a presumption of undue influence: for example, parent-child (bonding social capital) 

and solicitor-client (bridging social capital). Arguably, the trust that underpins reliance on algorithms in 

the context of contractual formation is of the bridging type — though in the context of, for example, aged 

care it may well be that individuals develop a relationship with the technology that is more akin to that 

typical of bonding social capital.124  

As noted, the relationship of implicit and unquestioned trust and the deferral of independent judgement 

to the algorithm may well be, indeed, is likely to be, momentary, arising only at that particular point in 

time when the transaction in question is concluded. However, as noted in Part 2 above, while the absence 

of an antecedent or pre-existing relationship will preclude the operation of presumed — or relational — 

undue influence, actual — or non-relational — undue influence is not dependent upon an antecedent 

relationship; the relationship may well be transaction-specific. That said, given the prevalence and 

proliferation of algorithmic contracts, it might, in time, be appropriate to recognise the relationship 

between a contracting party and an algorithm as a novel ubiquitous relationship of trust and confidence, 

giving rise to a presumption of undue influence. 

But establishing an antecedent or one-off transaction-based relationship of trust and confidence, 

ascendancy and excessive dependence is only the first necessary step in an undue influence claim. There 

are other elements of proof. In actual undue influence cases, ‘facts must be proved showing that the 

transaction was the outcome of such an actual influence over the mind of the alienor that it cannot be 

considered his free act’.125 This, according to Slade LJ in Aboody, requires proof that: 

(a) the other party to the transaction (or someone who induced the transaction for his benefit) had the capacity 

to influence the complainant; 

(b) the influence was exercise; 

(c) its exercise was undue;  

(d) its exercise brought about the transaction.126  

 
124  See Robert D Putnam, Bowling Alone: the Collapse and Revival of American Community (Simon & Schuster, 2010). 
125 Johnson (n 21) 134 (Dixon J). 
126 Aboody (n 11) 967. 
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In non-relational actual undue influence such as that present in algorithmic contracts, the elements of 

the action are tightly bound up in the relationship of excessive influence that arises in the context of the 

particular transaction. Given the trustworthiness, deference and fatigue inherent in algorithmic 

contracting, the algorithm has the capacity to and may influence the decision-making of the contracting 

party, leading them to enter into the transaction in those terms. In the language of the plurality in Thorne 

in finding for the plaintiff on the grounds of actual undue influence, the contracting party may be 

‘deprived of the ability to bring a free choice to the decision as to whether to sign the agreement’.127  

In addition to establishing a relationship of excessive influence, the plurality in Thorne articulated the 

added requirement for presumed undue influence as a transaction that commonly involves a “substantial 

benefit” to another, which cannot be explained by “ordinary motives”, or is not readily explicable by the 

relationship of the parties.128 Should the relationship between a contracting party and algorithm be 

accepted as a sui generis relationship of excessive influence giving rise to a presumption of undue 

influence, this additional requirement that the transaction confers so substantial a benefit on the 

benefitting party that it cannot be explained on ordinary motives, will serve to ensure that algorithmic 

contracts are only avoided on the grounds of presumed undue influence in exceptional circumstances, 

where the precise terms of the contract are so extreme as to be otherwise inexplicable. This may arise, for 
example, where influenced by a digital aged-care device such as Alexa, an elderly person who lives alone 

enters into a contract with Amazon, to purchase an expensive home intercom system for which they have 

no use on the basis that it will enhance their home security.  

While the above analysis may assist in establishing the requisite relationship of excessive influence 

and the actual or presumed exercise of that influence as between the contracting party and the algorithm, 

the contracting party’s contractual relationship is not with the algorithm, but with the benefitting party 

that relied on the algorithm to conclude the contract on their behalf.  And any action the contracting party 

might bring for equitable relief will be as against the benefitting party, not the algorithm. The algorithm 

is a third party to both the contract and the action to avoid the contract.  The final piece in the analysis, 

therefore, requires establishing the liability of the benefitting party through the application of either 

agency principles or the doctrine of notice. 

As noted in Part 3 above, the electronic agent theory of algorithmic contracts conceives of the 

benefiting party and algorithm as standing in a constructive agency-type relationship with one another. 

The benefitting party relies on, and indeed authorises, the algorithm to determine the terms of the contract 

with the contracting party. In doing so, the benefitting party assumes and is saddled with responsibility 

for the conduct of the algorithm under ordinary agency principles of. Further, as regards the doctrine of 

notice, given trustworthiness, deference and fatigue inherent in algorithmic contracts, it would be difficult 

for the benefitting party to deny at least constructive notice of the circumstances giving rise to the actual 

or presumed undue influence. 

 

5 Conclusion 

Recently Haque et al cautioned that: 

Scholars who have studied technology revolutions have noted that a critical step in devising the social and 

regulatory paradigm that will allow a society to benefit from the full potential of new technology is to fight the 

reflex to force age-old legal concepts from prior technoeconomic paradigms onto new economic models.129 

However, while it may be artificial and lazy to attempt to shoe-horn the challenges raised by the 

increasing prevalence of algorithmic contracts into existing legal and equitable doctrines where they 

simply do not fit, where the shoe does fit comfortably, it should be worn. This article explores whether 

the undue influence shoe fits the algorithmic contract’s foot, and argues that it does, albeit a little 

uncomfortably.  

 
127 Thorne (n 7) [57]. 
128 Thorne (n 7) [34] (references omitted). 
129  Raina S Haque, Rodrigo Seira Saliva-Herzog, Brent A Plummer and Nelson M Rosario, ‘Blockchain Development and 

Fiduciary Duty’ (2019) 2(2) Stanford Journal of Blockchain Law & Policy 139, 145. 
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As a relationship of trust and confidence, excessive dependence and ascendancy lies at the heart of 

undue influence, at least in Australia, the absence of a clear identifiable relationship between humans 

may, at first blush, appear to be a barrier to the application of undue influence to algorithmic contracts. 

However, both the inherent features of algorithmic contracts and the electronic agency theory permit the 

construction of such a relationship between a contracting party and an algorithm from the peculiar 

circumstance of a transaction where the algorithm plays an active role in determining the terms of the 

agreement. While such relationship may not be antecedent or pre-existing, non-relational actual undue 

influence accommodates such a momentary relationship of excessive trust and dependency arising at the 

time of contracting,  

If, as is argued, undue influence is capable of addressing questions relating to the independence of the 

contracting party’s decision-making and the quality of their consent in algorithmic contracts, then there 

is no need to overburden the contracting process with further unnecessary regulation. This is, of course, 

not an overarching claim that there is no need to regulate digital technologies in general (which rightly 

remains a public policy priority), but rather that common law and equitable principles may already possess 

effective antibodies to fight off at least some of the unwanted side effects of digitally enhanced 

contracting. Where specific contextual circumstances do warrant regulatory intervention in the field of 
contractual formation, it would be sensible for such intervention to draw on the normative core of the 

well-established doctrine of undue influence that for centuries has been providing relief to contracting 

parties whose consent to a contract was impaired as a result of the excessive trust they reposed in another  

and their  resultant lack of contractual autonomy.  
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